Jdoboobobobuobuobouobouooooogo

guoobbogoooooogd

obogoboooooon

07710189 0000 DOOOO0OOODOOO
{kenichi_yamamot,kayoko_tonoi,hiroki_tanioka}@justsystem.co.jp

0 o

odod0o0bDOo0oooooooooooboooooon
ododo00bDo0oDoOoooooooooDoooooon
000000000000o0ooooooooogon
ododoo0DoDoooooooooooooooon
odod00DOo0oOoDoOoooooooDooooon
0do0d00Do0o0ooooooooooooooon
00od0ooDoooooDooooooooooooon
ododoo0DoDoooooooooooooooon
odo0dD00moDooooooooooooonoo
00ModDoo0ooooooooooooooon
ododoo0Dooo0ooooooooooooooon
odo0dD0o0oooDoOooooooooooooo
Keywords: 000000000 DOOTFOIDFO
Support Vector Machinel] Naive Bayes

1 0000

O00o0oodooooooooooooooon
gooooooooooooooooooooooao
O00o0o0oooobooooooooobooooon
gooooooooooooooooooooooao
Ododo0ooooooooooooooooooon
5][10]0

gdodooooooobooboboonooooon
O00o0ooooooooooooooooooono
Oddo0oodooooooooooooonooon
O00o0oo0ooooooooooooooooono
ododoooooooooooa

O00o0oo0ooooooooooooooon
Odo0bo0oooooboooooooobooooon
O00o0oo0ooooooooooooooooono
Oddo0oooooooooooboooooooon
O00o0ooooooooooooooooooono
Oddo0oooooooooooboooooooon
O0o0o0oo0ooooooooooooooooono

00000000000ooo0oooooooooog
TFOIDFOOOOOOOODOOOOO
O0000000000D000OD0ODOO0D0ODOOOO0O
goboooboooooooobouooooooboo
O0o000o00O0O0O0O0O0O0O0OOOOOOOO0
goobooooooooboooooboooon
O0000000O0O0O0O0O0OO0OOOOODOOOOOO
gooooooboooooooooooooooo
oo0o0o0o0o0o0o0O0O0OO0O00
0O O O Support Vector Machine [0 Naive Bayes [
O0o00000O0O0O0O0O0OO0ODODOOODODODOOOOO
go00O0oO0oO0oO0oO0oO0OO0OO0OO0OOOO0OO0OO0OO0O0O0O0O0O0
ooo
O000o00oo0oo0oooooooooogoo
0000300000 000oo0oooogoooo
oo000000400000000000000O
O0o0o0000O0O0O0O0O0OO0ODODOODODODOODOODOOO
Os5000000000000000000000R0O
000D e000000000ODOODOODODOOODODOO
oooo

2 00ogoooon

ooboooooooobooobooooooooon
gbooooOobooooooboboooobobo
ooooood

21 000000

000 [5000000000000000000D
obooooOoboooooooboboooooobooon
gboooboooobobooooobobobooon
oboooooobobooboooooboobobooon
ubooobooooboobooooooo

ooooooooooooobooooboOo 19980
1000 19990 120000000000 0000OO
oooooooo



U1 o0b000o00b0o00on

0000 0ooo0000
00000000000000000000000000000000000000
19980 10 (0000000000000 M 00000000000
000000000000 0000000000000000000000000000
00000000000000000000000
20 [J000000000000000000000000000000000000
00000000000000.00000000000000000000000000
000000000000 00000000000000000000000000
30 [J00000000000000000000000000000000000M@
0000000000000 0000000000
22 0000 0000000000000 20000000000

ooboooooboobobooobobooooooon
gooooboooooooboboboooooooboboo
oooboooooboooobooOoooooOoooon
gooooobooooboobobooooobooo
ooooboooooooon

J Ubugogooobogd

gbooboooboobooboobooboon
gbooobOoboooobooboboooooboon
gbooobooboooboboon

3.1 00Oobbog

O00O0OMuST]OOOOOOOOCOOOOOOO
gooooobooooooboboooooboobo
oboooOobooooooboboooooboon
019980 1000 19990 1200000000001
obooobOobooobooboooonod

oooobobo200000b000o0oboooog
obooooobooog

e JO00J00OODODUOLOLODODUDLDOODOO
00000 B|0ooU0o00o0ooooouoo
oooooo

e JOOOOODOODODLOOODOODODOODOO
gooobooboooooboboooobobo
gooono

3.2 00000

oooooobooobooobooooooooo
oboooOobooooooboboooooobooon
ooo0o0O00O0OOO0O0OO0000OMuSTOOOO
obooooOobooooooboboooooobooon

000000000000000000000000
000000000000000000000000
0000000000000000000000000
00000000000 [11)12)000000000
00 10000000000000000000000
0000000000000000000000

00000000000000000000000
0000000000000000000000000

gbooo1oo00bo0oooobobooobooboooon
0O10000000000000TFOIDFOOO
ooo

o000 2000000 TFOIDFOOOOOOOD
obooobOobooobooboobooonod

obooobOobooooobooboooooboooo
uboobooobooooboobooboobaon
obOob010000000 TFPOIDFOODOODOO 2
gooo

4 0O0O0O0O0

uboooboboooooboboooooboooog
gooooobooooooboboooooboobo
gbooooOoboooooobobooooobobo
gooooooboooooobobooooboobo
ooo

41 0J0ogoboooogn

obooobOobooooobooboooooboooo
gbooobOobooooooboboooobobo
gbe100000430000018000000000O
oooooobOoooooobobooooobooo
obooobooboooooboooooon



U2 TrROIDFOOOOODOOOODO

|

oooo

oo

|

1998 0 10

oooad

oo

oo

ooooo

gooad

20

oooad

goood

oo

oo

gooooo

30

oo

ooo

g

oo

ooo

60|
50 |
40|
30
20 |

10+

MRS EE®)

]9982

7 8 9

10 11 12

U3 0b00boobooboood

(00 [#10 (00)] #2000 (00) |
A 1 (0.016) 4 (0.028)
B 0 (0.000) 2 (0.014)
C 2 (0.033) 0 (0.142)
D 2 (0.033) 3 (0.092)
E 0 (0.000) 0 (0.000)
F 4 (0.066) 5 (0.106)
G 45 (0.738) 5 (0.106)
H 5 (0.082) 0 (0.355)
I 0 (0.000) 1 (0.007)
J 1 (0.016) 2 (0.014)
K 0 (0.000) 7 (0.050)
L 1 (0.016) 11 (0.078)
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] 4 (0.066) 17 (0.205)
g 20 (0.328) 15 (0.181)
] 1 (0.016) 5 (0.060)
] 16 (0.262) 15 (0.181)
g 4 (0.066) 18 (0.217)
| 16 (0.262) 13 (0.157)
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5.1.1 Support Vector Machine
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5.1.2 Naive Bayes
NB(Naive Bayes) 00 0000000000000
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NB | SVM | SVM NB SVM SVM
TF TF TF TFIDF | TFIDF | TFIDF

RBF | Linear RBF Linear
ALL 45.8 0 50.0 50.0 0 50.0
Search-ALL | 54.2 0 50.0 50.0 8.3 54.2
Search-5000 | 54.2 0 58.3 54.2 8.3 54.2
Search-1000 | 54.2 0 58.3 45.8 12.5 45.8
Search-800 58.3 0 58.3 50.0 12.5 45.8
Search-500 62.5 0 58.3 50.0 12.5 50.0
Search-300 62.5 12.5 58.3 54.2 16.7 62.5
Search-100 70.8 45.8 66.7 62.5 25.0 50.0
Search-50 66.7 58.3 62.5 62.5 25.0 50.0
Search-30 66.7 62.5 66.7 54.2 25.0 50.0
Search-10 70.8 58.3 54.2 66.7 25.0 50.0
Search-5 70.8 79.2 70.8 58.3 50.0 54.2
Search-1 70.8 45.8 54.2 75.0 62.5 62.5
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