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Abstract:
old things, in order to obtain new knowledge and insights.The process of data analysis could

In Analects, there is a saying ”visiting old, learn new”. This means to investigate
be interpreted as an act to analyze the data of the past, discover new knowledge and insights
mathematically and make good use of them toward better future. Until end of the 20th century data
was very valuable and less reliable, but now the accumulation of data became remarkable due to the
explosive spread of the Internet society in recent years. However, proper use of data has not yet been
established. The reason for this is that since the data is accumulated according to the operation
of each business, there is no standardized analytical method because the accumulation state of
data varies. Therefore, it is necessary to edit and integrate data by processing on computer for
analytical purpose. Furthermore, it is necessary to examine whether the edited data is appropriate
for analysis. To do so, it is convenient to have a tool that analyzes data while visually showing and
checking data by editing and examining data. This paper proposes a graphical analysis integration
environment "PADOC” to facilitate data editing and data review.
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1: Left:command mode Right:graphical mode
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name AIC band bad siRo
1 Bome ]-684238 Z0it 18 0054545
2 —FRER 28
3 TIERR 46 0036843
4 LEIN-b 12 0085714
5 HESR 6 0070588
6 =i 1 01428
7 BEwAy 47
8 FARRE 105 0045482
9 RRFA-b 55 01134
10 mount -66337743  COS0000- 66 0035831
1 C1:1030000 - 141 0076547
12 22350000 - 111 0119741
13 mon -38502975  C02-36 30 0028846
14 Cl36-60 157 0087612
15 C260-121 131 0073637
16 job -25764680  Z0ft 43 0066052
17 H-E2E 56 0076816
18 XA 12 00458
19 B 3 0095652
20 ) 0 0
21 BELA 104 0101365
22 IRSATE 2 00909
23 NFEENSE 30 0049751 @
< >
Exit

2: Relation ranking for loan collapse by AIC
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e Python

4.2.1

#TEHEIR A Y v RO
select_tb = bankr.loc \

[: [’home’, ’amount’,’job’,]]
#RIEHDHIBR A Y v ROHH

select_tb[’amount’].dropna()

o IEZE Y —)L PADOC

/x T—XRIEHL */

get bankr.csv@;

/* HHHEZER +/

select home amount job;
/% RIEL 33— NOHIER =/
if (amount == ?) delrec;
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e Python

reult = bankr.groupby \
([’jobcat’,’minority’]) \
[’salnow’] .sum() .reset_idex()
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/* TR L */

get bankr.csvQ;

/* jobcat () & minority (AFE) AlizH~
U— %/

sumup salnow by jobcat minority
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3: Data flow graph for Integration
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4.2.4

e Python

row_no = list(range(len(bankr)))

#4 ElfEE
k_fold = KFold(n_splits=4,shuffle=True)
#4 73|

for train_cv_no in k_fold.split(row_no) :

bank = train_data.iloc[train_cv_no,:]

o I2EY —)L PADOC

/% F—RIPHL %/
/% —HEEBUS S */

get bankr.csv@;

rnd = random;

/* 4 0 E x/
if(rnd <= 1/4) outrec bankl;
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else if(rnd <= 2/4) outrec bank2;
else if(rnd <= 3/4) outrec bank3;

else outrec bank4;
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4: Relation of bankruptcy and interest rate
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e Python

reserve_tb[‘total_price_log’] = \
reserve_tb[‘total_price’]. \
apply(lambda x:np.log(x/1000+1))

o 2ZEY —)L PADOC

get reserve_tb; /¥ T —XIFEHL x/

togal_price_log=log(total_price/1000+1);
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5: Candle chart for salay by job category
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7: Impossible classification zone by linear
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6: AIC ranking. Left:bonus Right:non bonus
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9: Left:analysis flow Right:prediction by ARIMA
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10: Right:boosting process Left:comparison of AR
curves
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11:
Left:comparision of AR curves

Right:process of Tree and Logit
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13: Left:dendrogram for students Right:3D plot by
3 subject score
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14: Left:stock time series Right:Hidden Marcov

mode
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15: Left:exact score of movie Right:estimated score
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