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Abstract: The 41st Annual International ACM SIGIR Conference on Research and Development
in Information Retrieval (SIGIR 2018) took place in Ann Arbor, USA in July 2018. A total of 409
papers for the full paper track were submitted and reviewed by six tracks, for an acceptance rate

of 21%. About 46.0% of the accepted papers are related to neural network, distributed over about

73.1% of technical sessions.
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ISIGIR2018 DA — 7' =¥ F ORI & 3 &, BERBEB 740 4,
I BH A0% I EIET A T 2 7 ORI S S0

PARRCIERE Do, DK, *ACM SIGIR’ L.

3 ACM International Conference on Information and Knowl-
edge Management

4ACM International World Wide Web Conference

5ACM International Conference on Web Search and Web
Data Mining

EDMIZ SIGIR D X% =M L 7 venue, SIGIR Difi
SIS L 72 venue %ﬁ-/\? X 16, ﬂ X 271278 F. SIGIR

D E IR 7z 3 &g ofthic, BEEREF D @ ICTIRS,
[EHHEE D RecSys?, 7—4 74’ =V 7#\‘0) KDD!0%
PHBMIN TS, I SIGIR DX 6 b _Eilod 3
LRITINZ T KDD, #E %0 NIPSH % ICML!2,
HARS LD ACL3% EMNLPYM, ANtarvtEa—
YDA VEZ 7> ay (HC) I % CHIY R E, %
K 2o 22| L Tw 3,

¥ 3 12 SIGIR D KEERIFHfERIE % R 9716, fiEKk SI-
GIR WK THfES Ty, SEEIR 7Y T E L+
7=7, AT AU A, I—uv R %2EIZE>TWES,

3 SIGIR2018

3.1 FAEEE

SIGIR2018 I3 KE I o A VM T F—N—D I > v
KT, TH8HDS 12HETH HEICHE Bl X 1

6[2] ®2'F 7 Top Venue Citation Over Time ® 2015 4£2>5
2017 F0 7 — ¥ ZICIAFIR.

7[2] ®2'7 7 Top Venue Reference Over Time @ 2015 £
5 2017 4ED T — ¥ %2 LI AR,

8 ACM International Conference on the Theory of Informa-
tion Retrieval

9 ACM Conference on Recommender Systems

10ACM SIGKDD Conference on Knowledge Discovery and
Data Mining

1 Conference on Neural Information Processing Systems

2Tnternational Conference on Machine Learning

13 Annual Meetings of the Association for Computational Lin-
guistics

MEmpirical Methods in Natural Language Processing

15ACM CHI Conference on Human Factors in Computing
Systems

16[3) % T84 fE K.
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# 1: SIGIR2018-2016 DHHE

2 (1) SIGIR2018(41) SIGIR2017(40) SIGIR2016(39)
el July 8-12 Aug 7-11 July 17-21
e ff bt Ann Arbor Michigan, USA  Tokyo, Japan Pisa, Italy
NG 740 911 566
T R— S — 86/409 (21%) 78 62
Ya—hR—rS— 98/327 (30%) 121 104
FE 18/36 (50%) 17 21
Fa—tUTIL 11/13 (85%) 8 12
v—rvay/ 10/15 (67%) 8 7
SIRIP (Industry Track) 9/16 (56%) 12 12
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ACM Transactions on Information Systems
arXic: Information Retrieval [
CIKM i
ECR
ICTR B
Information Processing and Management =
kb &
MM "
RecSys -
wsom
www By

Other I

W SIGIR2017 W SIGIR2016 SIGIR2015

1: SIGIR Dim X% &M L 72X D venue
(SIGIR2015—SIGIR2017)

72, #1TIMF 3 B0 SIGIR OBEME 213, 4[]
D7 T LABPEBDF2a— ) TILET =TT ay
TE1H, A3 HElTh -7z, KEHRZMIL,
20 IR DIGHIZES T % SIRIPA 2 HIEICIAE R S 1
-2 Th S,

WERARD 911 4 DSMNE 2 LD WK E, 5
] #4740 44 CBEEE) LEBOBMDBH o1, B,
2001 4ELDAREC SIGIR DSME DS 700 4% H 2 7= D
13 2006 FELIKTH 5 ([4],p.9).

HAE»SZ, 7ATIT7TrodbRltd 134, 1
ENnSIFTYT7—, VZIL—FETVAhHVS=Z—, U7
N—b+Pa 7R, X)LAhY, NTT 2247 =7, Honda
R&D En D7 £ 1TEABSML -,

£ 215D AR —=%R L, Hill, AizFOAR
VY —IZEMT ALAIRT ALY, ARV —4
e UTEkE & REORENS S, wilalIX A E H
RKOBEPHI > T, SHIFE SR, [H#

Y77 VR — 8 — DI D T SIGIR2018 12D\ T ERARE /B
(FRARR), I FRIRE oz R §.

18The SIGIR Symposium on IR in Practice. Industry Track
A 5.

19[5\]ppxxxviii—xxxix7 [6]pp.xxxv-xxxvi, [7]pp.xvii-xviii % JG

Ik

ACM Transactions on Information Systems =
CHI
CIKM =
ECIR
EMNLP

ICML

Journal of the Association for Information...
KDD
NIPS
WSDM
wWww
Other

B SIGIR2017 ®SIGIR2016 SIGIR2015

X 2: SIGIR D XBZMHE L i LD venue
(SIGIR2015-SIGIR2017)

2 2

3

-
1\

= North America = Asia

= Europe
South America ® Oceania

4 3: KPER iRl %

WEDORENL O IFFIEE D T, KEMREOEHSIN
BEDLST, TETREMEMELT TV, ShA
Ry —ZMbo7zDIEHEDED I A N = 73—
B2 DiDi, %A b — 3 v 7% —E XD Spotify,
KEDNZER e av—ADRETH 5.

3.2 & - FIRRKR

X 4 12 SIGIR @ 7 )L_—S— D EefEs, R, 7
PEROHER (1999 2> 6 2018 4EF T) R $20, 4[]
BVEER B[R 409 KD 7 L R——EFEIh, I
% 86 AV I 1, HFIRFIZ 21.0%TH > 7. SIGIR

20[5] ® Publication, Acceptance Rate D7 & b fEBK.
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pag: M3 2017 2016
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INoEJe 22— A ebay * *
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Byte Dance
kika
i®fT (74 F>~ = 7) DiDi
i B S NAVER *

Ay =TV HH Spotify
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4: 7NR=rS— DR, BRI, RIREOHER
(1999 %25 2018 4F £ T)

A (1999 F2> 6 2018 4F) DO FHFERAEE 19.1% 12 HiR
% E45ENERRH L, WEED 21.5% L FARETH 5.
SRRSO ERIZEZ B (2016 025 2018 4F) Z[X|
52HTIRT. 2016 FFIRF R DOBFEUZ 1 A2AVKE], 2 (723
HETH- 7203, 2017 4EIC 1 A& 2P ANE b > 7z,
RIT, 7 NR=R—DFPGHX DO EEE B O EH &
(2016 45,2018 4F) % [X] 62212787, 2016 FEDRHTIEK
EHY 34%, HED23%TH D, WEFEH MM OZEE) L 7
o732, SElEOWITHEDY 34%, KEHY 30% & E
MANE D72, HiRlD 7 VR——ZHAD &A%
&b 3ADPIRS N, SINEHAD S OFRIRIZ 7
$, ARZED Interface DX v ¥ a ¥ TIEMAS [9] D
TOIS (ACM Transactions on Information Systems)
DY %X —F VDL D INHFEF2A N H - 72,
HHOIIED A% W5 728, SIGIR2018 D4H#H
DFilg%E T AT 7, /¥, W, ZubSHoasL

21[5]p.iii, [6]p.iii, [7]p.iii % JCIZFERK.

22[5]p.iii,[7]p.v & ICICIERR.

23[8], SUBMISSIONS BY COUNTRY (p.6).

24SIGIR2017 #* & TOIS DX D& E CHIIR, SIGIR, IC-
TIR OV TN DEREEHE THEFEREZITZ 5 2 LIk -7 [10].
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SIGIR2018 325 440
SIGIR2017 232 299

SIGIR2016 313 pLE]
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5: P L O ERIEE L (2016 4E-2018 4F)

0% 20% 40% 60% 80% 100%

SIGIR2018

34% 30%
SIGIR2016 23% 34%

mChina WUSA mOther

6: 7 AR — S —ERPGR L DO EHIZEFH R OE A (2016
E, 2018 4F)

72& 25, SIGIR2018 DEEHEHEDH 18RI T H T 2 7,
I 20% B EDFEH TH - 7225,

Iz, SIGIR2016 %5 SIGIR2018 M 7 LR — /83—
DFIRG X DFZ DS Z RIS oL R R %2 X 7
WRT2, 7AhHTITOEEVFELIEZ T LD, &
FEOEFEHBIIFIC X D B %, SIGIR2018 T 7 AT
ST7D81.6%, FED15.6%TH -7,

X512, 2016 FH 5 2018 D 7 L R—r3— DAZER
EEEZI 8 12827, 2016 4FElE Yahoo & Microsoft
MR L TW7z23, 2017 S LABEIE Microsoft 23T
flb% 5l E#EL T3, SMIEERIC Spotify &, #Hi L \»
e N ERVASR

0 50 100 150 200 250 300

SIGIR2018 -

SIGIR2017 -
SIGIR2016 _

macademia mindustry =5

Z 0t

70 7 NR—R—DEZEDFE T N — THIEEE (2016
025 2018 4F)

25[11] @ full papers, short papers, demo papers, SIRIP In-
dustry Papers, Doctoral Consortium ®W§N»DRIZHEETND
HFHEOFEZ UL 7.

26[11] o full paper DFEZFDITIE, [12], [13] DT 07T LDHEF
HDHTE 2 TR R,

27[11] o full paper DFFDITIE, [12], [13] D70 7T LDFH
HOREZ TR R,
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WSIGIR2018 W SIGIR2017  m SIGIR2016

B 8: 7 NAR—=R—DMREDEFHDHE (2016 05
2018 4F)

# 3: SIGIR2018 D + T v 7

a) Search and Ranking

b) Foundations and Future Directions

¢) Domain-Specific Applications

d) Content Recommendation, Analysis and Classification
e) Artificial Intelligence, Semantics, and Dialog
f) Human Factors and Interfaces

3.3 b7wvy

SENGHIE L R D, R3IWWRLZ6DOD Ty 7

ANCHRE, FIRMTb T, BEDZ VT v 713 (d)
DavrvyIHET, 124 fF (BRSO 30.0%) D
TEWd o728, 2EZD 0, HiblOHEEICE T 2 % HE%
9Dy ZHIIEMBTHS &, HEEY 2T A (rec-
ommender system) %% 50 LA _E (R XD 13.8% L4
), #ED, = F F 4 X (personalized recommen-
dation) 7% 40 LA E (1A 11.0% L 1), #EE7 LY X
2\ (recommendation algorithms) 2% 40 55 (17l 11.0%
59) ThHotz, HEFEICEIT 2 AR L i B (RG]
MHREATWV S,

—Ji, SEEIREDL N+ T v 7 1% (c) DKL
L7BH & (f) Human Factors T4 20 fF (F4GR
D 23.2%) TH % ([5|p.iil). BHF D7, HilBl ORI G
XDHF TPtz b EY 7 P% A5 & ATEIIHT (15%)
PL=HFRY T4 (14%) BEFN T 5, IR

—PICB T 2D HL D D b HEED S fii < A &
EAoN 5,

285]p.iii.

29” The most popular call-for-papers topics for accepted pa-
pers were ranking algorithms (19%), text representation (17%),
behavioral analysis (15%), recommender systems (14%), and
user studies (14%). " ([6]p.iii)
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Submissions by Topics

» I
i LI ‘
1( | |
IN(RAN N i il
2 il | il i H.E A HE=i | i
<& S il & & & & <& & &
¢ & R « S R v &
X g g S o y S
& 3 4\
\o

K B
< >
& &

9: b By 7 IHAEE (SIGIR2017, BAREIIE)

(=)
[
~
w

4 5 6

Recommendation Systems

Evaluation
Efficiency
WebSearch
UserNeeds

Speech and Conversation...
Retrieval Models

Question Answering
Privacy, Advertising,...
Novelty and Diversity
Music and Math

Microblog
Learning-to-rank

Learning

Image and Multimodal Search
Events

Entities and Knowledge Graphs
Behavior Models ...

X 10: & v > a vHlEC (SIGIR2016)

34 v ay

SIGIR2016, SIGIR2017, SIGIR2018 Dt v a3~
B XHZX 10, K11, X 12 DFMMTRT,

2016 A (ZHEE, M, 2IFRICBIT 2 D% <, #Hil
Wy aryTRER LN YT A4y T
DIV T 4T 4 & knowledge graph 23% - 7z,

017X 7 4 VF ) v 7 EHEE, MBRETLVE TV
XV MBEDA VYIS aviEnsehot, £
72, 2016 FEICHEE, TV T4 T 4%, xfEh & RN
DryarybdhHot,

SN 7 v X v VO ERE L TwS k9
IR Z 503, 22— —DITEIDSHTICBT 2 b D, #E
BICET2b0 8ty avicEkdtoTns, &
Mk ery T4y -2 7Oy > a VITEE L
REDRH B, FilvkyiarD—2ilY— %L 7y
F (Social Good) 3% D, ZHUIIEFFHHD ¥ —7 —
FTbdh .

3.5 Za—ZILRv NcETIEIR

SIGIR2016 ? & FG#i# T Christopher Manning K
(RF ¥ 74— FR¥E) 1358 2, 3HFIIHEFE D ST-
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Filtering and

Retrieval Models and Ranking

Search Interaction

Document Representation and Content Analysis

Efficiency and

Personalization and Privacy

Other Applications and  Domains

Conversations and Question Answering
Social
Queries and Query Analysis

Entities

11: & v ¥ 3 Yl (SIGIR2017)

Learning to Rank
Evaluation

New Metrics
Behavior

Privacy
Mobile User Behavior
Systems —
Location and Trajectory
Medical & Legal IR

App Search &

Log Analysis
Entities

Recommender Systems — Methods
Fairness &

Hashing &

Social
Sentiment & Opinion

e ional Systems

New IR
Crowdsourcing &

Social Good
Interfaces

Content & Semantics
Question Answerin| g

I

mall ®neural

X 12: v > a VHlomXBE RN =2 —F %y M
A SCEL (SIGIR2018)

GIR i d % & PHIL 72 [14]. %7, Hilnl SIGIR2017
DERRKDFHEIZF= 2 —F )V % v b T, Neural Informa-
tion Retrieval D7 —72 ¥ av 7" (Neu-IR)3*°D 4 — 7=
Y 7RI 457D 1 DA neural IR ICEHT % DT
HY,"=2—7 V% kD (The year of the Neural
Nets)) &SI Nnr,

% 2T, SIGIR2018 DARGEDT 7 = AN+t v a
VO ERNRIIZ 2 —F VG MITBET AR E
I BRI E T A3, 7 NR—8—D 40/87 K (9
46.0%), TOIS DFXbED % & 45/102 A (1) 44.1%)
WM L7z, Ky a v oREm X®7t.~1 ¥
Nty FEEOFEZ X 12 DRFETRT, I6IC
vavHNOgEE RS 711//\—}\—%5@2?}: ?‘
%kfﬁwﬁw&//a/@%zm%uw%P%Tms
DL b EH 5 LR 80.8%(21/26) T=a—F L%y
FEEDF XA S 5.

30https://neu-ir.weebly.com

S IFIEARINICIEF — 7 — FRX—2 ('neural net’, ’deep learn-
ing’) T, future work & L CZEF 7 0%, a5y L AS IHEI©
ES SN LEN NS

32Gession 1D: Learning to Rank I & 3D: Learning to Rank IT
BELDTlIRyvavihy v L7

14
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3.6 EF#EH

> A IROWZEBZ33 D Ghani KiZ»>TDA =
KFFHDEE X v v = (20124F) DT —F ¥4 v
AF—=LDHFDLDANYIT, PAHATRTET—FHF AT
T4 A P FE OB ) i k9 Ic T 5 7%
D DOIEEPHBID > T3, G [15] TRV —> viL
7?P%k®§ﬂ%%mbkﬁ,ﬁﬁ%ﬁ%ﬁﬁ@%
RICEEME R 2T — & U A v 2R %R T 5 EGH A%
ZHa L7,

Gerald Salton E36Z2ZE L 7% v RV R¥AHEED
Jarvelin (% Information Seeking % IR O & i< B9
L TEAT, IR OHEAMEOFHIE I nDCG Dk
WIDN—= 3 v 2L L 72 ([16]), pp.32-33) ATH
%, W (17 304 v vy sy avitlT L0
T, INFTOMEZIRYIKY, EREEONRE, A
Mz e XRTHEROEE 22 L TZ2ho
EAVE I avsa7 s —L LTIAT 26D
EEZ 2L, IRDIFFETH ANICBD 2 EHET
HDHIERMAL .

3.7 Fa—hKU7I

SHENFER4ICRT 1L DF 2 — Y P ADBH - 737,

(f) DEEFAEDF 2— Y 7L [18] TIE, BRICE
FawyFr S LHtEIcE T2y F v S REY LT,
ZN 5 I1FHK4SIGIR, RecSys**t W)z 2=
T4 TSI NT VDD, N cEETcE 2
ZEERLEZET, E5lL, oy F v SOBHNET
B S IR ORE B O FIEE ML 7.

3.8 SIRIP(Industry days)

SIRIP391%, 3T D IR DJGHICEEIT % b DT SI-
GIR2016, SIGIR2017 TlaAL#E D 1 HIZ, 77 =
ANty va v EMifT L TfTbiiTwidd, St 2
HME (Industry Days) "¢, e, HAFHTHE K
DD o 72,

7V VD Carmel 5 [19] 225 E 7L 7% ay B

> 7 DORICET 2 QACHRISE) DOWF%E L Z DE
HFOMNBH o7, W TIEREMICE Y 2 THINREH

R 7x—AALTwBEL, #lZiX, BMovwor4
T4 T NOBRPEANZERO T KN4 A, FmD

33Research Assistant Professor.
34Data Science for Social Good Summer Fellowship

A35'H;A INLTRWA VR F 25289 L3 3EHRY—E X,

WizEDl L.

36Gerald Salton H & IR OWFZEICREREN 1< B 22 Bk 2 1T > T
ETNCHLT3HEEIH o NI H.

3Thttp:/ /sigir.org/sigir2018 /program /tutorials/

38 ACM Conference on Recommender Systems

3%ttps://sigir.org/sigir2018 /program /industry-days,/
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# 4: Tutorial(SIGIR2018)

Tutorial

Tl

) Knowledge Extraction and Inference from Text:

b) Probabilistic Topic Models for Text Data Retrieval and Analysis

SIGIR 2018 Tutorial on Health Search (HS2018)

R - e
TX¥ALTF=FRR - ARG N Ey 7T
EENE - HEHEIC B S 5 sk

Conducting Laboratory Experiments Properly with Statistical Tools #ialY —iL & H\v» 2 (FEERE) Kro ik

Information Discovery in E-commerce

Generative Adversarial Nets for Information Retrieval

Tutorial on Utilizing Knowledge Graphs for Text-centric IR

i) Neural Approaches to Conversational Al
Efficient Query Processing Infrastructures

(a

(
(c)
(d)
(e)
(f) Deep Learning for Matching in Search and Recommendation
(8)
(h)
@)
(@
(k)

) Fusion in Information Retrieval

Ea~—RIcB T 3 HEHIHER
HEAHOMBLHE BT 2~y F v 7 ~DIEH
WORIGAER 7 v 17— 2 (GAN) 2 iV IR
Knowledge Graph % H\» 77 ¥ A b E#a%

Z 2= %y &MV AL
RN 7 7 1) MHH D Hog
IRIZBFSE72—Yav

vy, REMOHECESHOTTOET T O
Da Ry MERFUETF . FEITIEH Y1 7% web
FT=7DMh, LE2— QAR ELFHL TV, B
MEBEOWAHEL L CEEA VI —T7 24 ADT LV
FU —ZARI&AER, 2L - BREOERD S ohgE
B, AEGEIESE O, Fic RE 2 E R 2 3R
& L TEEOBIE D 6 D% (multi-aspect answer),
B DR % 28 72
~A4 707 F®D Agrawal 5 [20] 134 >~ iy
DF vy PRy F, b— (Ruuh) OBFERBZHEN L
7o. AV FHiBEEFEEIZ, V=32 TOHEED
BFF(KEDKBK) L5 2 L 2HIBLTE D, HIC
WA LEINEZETETTCREATITH L, BEN—
ADF Xy PRy FPTHGEEINEDRTE2A VT 7
V7 LTEICHEMA L TW 3D, twitter Hd: 7 —
YOIV Y Y S TRRENEHSPHAZRETE
M EERCIED, EBRICIETERVWI 25 ) £
(Bl : EEET %542, %) bHIRL T3, 2—¥D> =7
Lf’ﬁ{%’?@ﬂlﬁl/\o): AvErERDOEND I EHEL,
BEPEROREVBHEFIN TS, £/, AV FT
W EEPLIRTRAED 3-5%Ta—FI 7y v 7 (HE
ORI S HGEE) 3D D, Ry PBRa—FIrv v
7CIVET % EFTTREME X 30% I T RIS &9,
VY7 b A VD Geyik 5 [21] 225 i@a%tﬁ}\ﬁ%
W& - #EE54 % 2 A5 A LinkedIn Recruiter DFHES 7
bz,

39 =933y r/

SHEZRBIRTI0DT =7 ay ThHRH o710, 4
HD 7 — 272 ay FI3BREADORNEEN 7 7 12 —F, knowl-
edge graph DRI, e a<=— 2 LRI & OREFEH S
W, Ly =2y ay 7L TRREDTTOEMK
2 X MR o, 1TS IKBT2b D, BEOE
b, P2 PR 2 e L RS D - 7.

e AT —ADY =7 ay I TIEEMmI A PO
DA T I 2 PHIT AW EE O T - F LY

4Ohttp:/ /sigir.org/sigir2018/program/workshops/

(Rakuten Data Challenge*!) OfEH2RE I L7z, A
7 3V 1 ID DARKERE (leaf 13 3,000 ) TH 5. R
A RNEAT DY ID DNADRT (0.8M) THE L
T, 7AMHDREHY A LV (0.2M) DA T 3 % HfE
ETBHYAYT, Kk THEE CTE GG DOAIEME
$%. 1£2® Skinner[22] DFIEF character XN— & D
LSTM & Fl1 fiftzfllabe e bDTh o7,

3.10 SIGIR2018D kLYK
SEDO LY FEUTFICE D5,

o —a—7)NFy MY 2 CHIKIEICIEM (7
NR= =D 46.0%, T7 =Nty ard
73.1% 253 45)

o HAEL, BRI E b HED S DFRSCHIEE N

o bT v IRIEFREILa YT vy DHEEDS | Hi
e, HEE ISR 2 X O BRI % o

o 7 v 7HIERIEII IR OJEH] & Human Fac-
tors 3% <, b 2 —H X h DFLH% >

o LW —7— PNV —2 %L 7y I (social good)

o LW —7 v ay 730 OEMROEM IR
%, ITS B, BxoEE(l, MhZziHmEx
HEPE LR

o XEFRLR YT AV -T2 T DRy a VIFES

TIOZhILEy>yay
— IR DX =N

3.11

FIZ ANty ardib,

e

3.11.1 REHRX

Best paper 37 = 7 F A EUNA N R ADEY T 3
> @ Canamares 5 [23] T, #E> AT LIIEIT 5 A
. (popularity) DNIZEIT2HDTH 5. ﬁﬁf, #E
%VX%A®ﬂﬁ%7ijXA@uA%ﬁ$ﬁéh

4 https:/ /sigir-ecom.github.io/data-task.html
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# 5: Workshop (SIGIR2018)
Workshop [\l X4 FEVZ
CAIR’ 18 2 A&H BRANOMEENT 70 —F. v VT ¥ — 2 OBMLEO R, vV FE—SNA VI =T 2 A A,
ECOM ’ 18 2 RH eav—A (BMRER L HR).
ProfS2018 1 &H FESTOHMEKIC X 2 8RR
KG4IR’ 18 2 4&H  BETO knowledge graph FIH.
BIRNDL ’ 18 3 PEH HASHEOIIR, A TV P X RV T A TXA YA =7 I K B ENSCHRO IR/ 53T /R
CompS ’ 18 1 *¥H Computational surprise(¥ & OE &, £D &k H I L TIR DAL D, ).
DATA:SEARCH’ 18 1 EH RS/ BRSNS T — 8 Ok
EARS’ 18 1 EH P2 SR A & SR
Intelligent Transportation Informatics 1 PH EEEZOmICBT 2 BEEROMES, Hid, 2T
Learning from Limited/Noisy data for IR 1 :H IRD%ZODRENIT—F £/id /) A ADL 0T =805 DEH.

5=, "ATAELTHDRS RS LT 20780 &H
D, ZHAHTwRwn, 220, #EICAKZHGS
IR, 774 v DFEBRTHRZ IEMEICHETE T
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