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Abstract: Comics have many useful knowledges in their texts. The purpose of readers for reading
comics is to enjoy the stories and the images. The readers might not recognize the knowledges in
the comics. It is required that extraction and visualization of knowledges to support the readers
to recognize them. In this paper, we propose a method to extract knowledges from the texts of
comic. The method extracts the knowledges by classifying the texts of speech into two classes:
classes for texts with/without knowledge. The method takes a set of texts of comic as input. Then,
the method transforms each text into an averaged word vector using distributed representations of
words. The averaged word vectors are assigned labels for classification and trained with support
vector machine. After training, the method obtains a classification model. We experimented with
the proposed method. The averaged accuracy was 0.83, the averaged precision was 0.81, and the

averaged recall was 0.85.
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