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Abstract:

SNS services such as Twitter and Facebook have been recognized as useful tools for

sightseeing. Tourists usually access to such services to collect local and timely information about

their interesting areas. In this paper, we study an automatic estimation method of the best season

for cherry-blossom viewing. We applied Kleinberg’ s burst detection algorithm to tweet data stream

and compared with one of the previous estimation methods, the moving average method. From

the experimental results, it suggests that the burst-based method can resolve the over-extraction

problem with keeping sufficient precision.
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Abstract:

In recent years, research to extract personal information from Twitter has been actively conducted.

Comments posted on Twitter appear are relatively short and various topics. Therefore comments

about a specific interests appear only locally. In this paper, we propose a judgement system whether

or not each Twitter user has a designated interest determine after widely learn vocabulary related

to specified interests by the deep learning starting from a set of words related to a specific interests.
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Consideration of new word embedding to learned distributed representation.

AROAEAST

SeH e

A RS

Yoshiyuki Mori!, Hiroki Shibata', and Yasufumi Takama'

VEH R LA IR TR AT AT WA HF5eFR
! Graduate School of System Design, Tokyo Metropolitan University

Abstract: This paper proposes a method to find vectors of new words on the embedding space without
additional learning. While distributed representation is becoming an essential technique for utilizing text
information, it has a problem that it cannot calculate embedding vectors of words not included in a corpus.
This paper aims to generate the embedding vectors of such words by using the embedding vectors of the
words belonging to the same category as the target word. This paper proposes 3 types of calculation methods,

and shows the result of preliminary experiments.
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z3 (6) 1TRT.

Z%:lZ(x’,y’)epl.(x’—y,"'}’i) .

X = L IPil + (6)
4 Flnksa
4.1 REHE

AR TITPIERE LT, HEEZ MV
FEICOWTIRETIRICE Y Y MAVRBEERL,
BERNDR7 v L4 5 2 & TR A2 1T 5. A
S LT, at A v FREL 22— Y v NE#EL
BHT5. X0 Q) oA=L LT, d,
d;, d,) = (0.5, 0, 15) & L7=.

TR CREM T 5B, HEEE, HEEOFIZ R
3WTART. R 3ICBIT HBEMROLEMNCH 5 HEED A
T AU ORI HEEx A BRA CTERZATH . HEXTO
BUIAEER L7ext o T, RHEFEZ Lic~y
M VARRIZFIH S 405 BaERHEI R 72 5.

42 EERFER

HEEOABEHR L LT, Word2Vec % LA FDEMET
FELE-bOoEFEHALE.
® HIFE~Y hLOWITHEL : 200
® I XAWNTOHEBLRIEL 5 [BIAH O HLGE %

i

o THITSHIEOHIR S HAEL - ICEA
® EETIL . CBoW

wH, BE OB, AlEOENENDOHGERY
MLZEARR L, 28 A HRLE CRHME L 7= fs R %2 %
neEnN#Es, 8, 1112, =—7 U v NHEHECRHE L 7=
WRAEZNENEG6, 9, 121737, BEOBEN
S H—ORBRTOREIERY M EARLTZHAIC
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* 3. FBRTHM T 2BI6%, HEESOEL B

ESRER BEXH BAEExt Dl
Tokyo-Japan
B 82 Beijing-China
EE: 17 Tokyo-jpy
-I1SO code Bern-chf
BH#-BRES 23 Sing-Singing
&Al (EhEAl) Dance-Dancing
H¥R-E 5 80 Sing-Sings
(Bhza) Kiss-Kisses
HER-BER 116 Sind-Sang
(BhzA) Shout-Shouted
By BEn ” Sing-Sung
&l (Bhzal) Hear-Heard
—sm e Interestingly-Interesting
gl zr-fe =5 . .
BleAl- Ry 25 35 Obviously-Obvious
Bl B # Interestingly-Interest
= 27
(%) Importantly-Importance
BllEE-1E 5 30 Interestingly-Interests
(%) Idealy-ldeals
BlIFA- ELEX R 10 Happlly-ha!o pier
Fairly-Fairer
e o Happily-happiest
ﬂl E - i
Bl-% L& 4 Sadly-Saddest
Btr-kt 39 Man-Woman
Boy-Girl
BB 120 Man-Men
(%) Woman-Women
LRI L Big-Bigger
MR- LB R 73 Tall-Taller
- Big-Bi t
MEE-BLE® | 22 19-2109¢s
Large-Largest

7L ELTWD., FHIEICBIT A2 L HEE
K TN FNE 4, 7, 101R77. B, 3.2 &
TR LA FIRIZIED, ZNFNoxicxt LTE
HHEICE L C, %, X03E OB T Y OHEFH
L, ZHLSMT ISOcode D AT =V b L THERL
L7z, £S5, 6 L0R,II%, X0 EMT—F L OENR
RELRoTWBZ ENDbND. —F, %, X, T
W7 e BELENEL o TV 5.
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9. BEIOHEIEDO~T bV a LR LB

x E3| ISO code T —2 L na—2r Y v N
Tokyo 12 10 X X4 X, X3 X4
Paris 11 3 Sing 8.6609 8.2400 4.6622 4.2194
Cairo 8 10 Take 9.6607 9.0615 7.2080 8.0084
Beijing 12 0 Train 14.2758 | 14.5287 | 8.2631 6.4012
Scan 4.6218 5.0638 3.2080 3.2843

RIFA D7 bAVRy, Ry IERFADA T AU DI %

" z. . . z. FUR L, CIDSMINETY, HE0Y, i, &L
Tokyo | 0.4679 | 03295 | 0.6437 | 06069 | MkOHT TV AL TAER L. =9A AL
Paris | 07014 | 06909 | 07083 | 0.7169 | \“PIL CHR ARG LT — 5T <22 SRS
Caito | 06313 | 0434 | 0.6725 | 06748 SHVIZ. Ry, RJIIYA AP, BT —2 L
Beijing | 05530 | 03802 | AL | #L DIECDE LD GRS RBMEIEHD = & S

SN, EENRCEIFRAO MERIC T, BT —
6. EEO~T MR AR LI RO A LEDENTIRE W, FHEIHERT S Fa'g{ff:@ﬁ’ﬁﬂ
iR — 2 e ) o R &ébﬁ@@%%ﬁ?éﬁabf,éEK@ﬁ%&

. = . 2 z DBNENRDD L ELD.

Tokyo | 9.4355 | 10.4886 | 57595 | 6.2138 N

Paris | 10.2954 | 10.43L | 10.2528 | 9.9456 2 10 ig?éﬁ;ﬁfﬁ
Cairo 7.6408 | 9.5623 | 4.7759 | 4.6508 x MER | %ES; ( %Egg LeEHR | SR
Beijing 9.1188 | 10.429 L 7L Apparently 7 4 5 0 0
BEAOEEIGC R LT, %, & iBmosEym neretingly | 15 | 8 ! 0 0

ONT Y OBERAL, EALSHIEEY, Bk ooy | T | 10 L 18 | 0 | 0
W, BENFOHT Y HHH L TAER L7, “scan” L 12RRIY 8 8 0 | 10 | 4
DR, BLOP2—2 VU v REEEf Tl L7256 D L . .

“rain” DR, BT, RIS D R — # L 0l R 1L BIEAONT A EER LR
WK E < B AMENB OIS, b EMT— 210 EM7—sLnayA IR
WL R D ARG EERDR,D EL LN TH 5. x adl X2 X3 La

Apparently 0.4818 | 0.5185 | 0.2896 | 0.3259
£ 7. B3 0 WA O WEE R Interestingly | 0.2896 | 0.2937 | 0.0526 | 0.1461

x fﬁj’fﬁ:}%ﬂ %ﬁ#ﬁ% ]@fﬂé ]@fﬁj\‘ﬂ Possibly 0.2978 0.3110 0.3051 0.2969
Sing 5 30 24 14 Happily 0.4535 | 0.4664 | 0.4651 | 0.4641
Take 5 13 10 25
Train 2 3 > D # 12, BIFORY M EAER LIZEO
Scan I 5 16 16 EfgT—2 Lt Do2—7 Y v NIE#E

x z, z, z, z,
£ 8. OB O A AR L 50 Apparently | 8.0499 | 7.9195 | 9.2271 | 8.7082
AR — 5 b 0> A AL Interestingly | 7.4403 | 7.4184 | 6.7586 | 6.2766

" z z z, z Possibly | 11.3965 | 11.4336 | 8.7087 | 8.4084
Sing | 06334 | 06836 | 0.8107 | 0.8684 Happily | 5.9463 | 61349 | 25973 | 2.6462
Take | 0.8184 | 0.8433 | 0.9061 | 0.8802
Train | 0.4227 | 04285 | 0.6738 | 0.8124 B, BRORLIY, @ISO T T VIO
Sean 06779 | 06498 | 07503 | 07402 Th, RIIRLEL2TORRIZOWTERZITV,

ENDHEF EDIMRER 13 ITRT. MHRHEOD
TAVEATAY 1, B-oBRICENLZb0%
ATAY 2L LTWD. abg U HUEE -2
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v REEBEDE 5 23%, & 0 BT — 2\ o728
H1XO, ZOHRTHROLIEL RoGH%#0, £Hb
MO L IR o TN, W E B IEfRT—# &
DEVRR LV REVWGAEEZX L LTINS,
ARHEEE LT, 2o NG, 30304
BT (R, %) DEHTHDIN, AFEOHEEIET
FER,VENRLTWHZ NS, IT73VICk-T
Wb DEREZ ETRWVERNS S ATERENE
PRSI NT-.

K13 BHFEOELD

AFIYL [ AFTY2 | &, %5 z,
a8 = x © ©
BAG | BAD

muk | Basd | C © ©
25 | mEE | o A A
Bk T o o o
A0 | &HAO | ) )
BN | N

waE | LE®R | A o A

5 BhYIC

AfaTlE, HEBEODWMEREZFEHTLIFETHD
Word2Vec |2 L V&L HGERY MLEFEH LT,
BN e LIS T2 R BigE~ 7 MV B AR 5 Fik
ERAEL, THEREZIToEREE R L. HEEM
OFERe, BT Y OELY hLEFIF L CHGE
DRy MRBLEZLERTHZLICEY, EffOT—
HIZIENbDEEKRTEAHZ LR L. £2, &
TAY LI LEHETERS S Z LR LT,
AR TR UEERTIE, a— AN THEMHEED
FE B W ELERIZ DWW CAERR Z T o 72728, 5 %1,
RHGER 2 — N AN TOHBBE MR HEED XY
MRBEZARL, EREToTNL. £, fillo
AERTIES, HREX7 M TlEel, CENHSCHE
Wie L DX AT LYV TOFN L & & etT 5
TETHD.
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