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Abstract: The 42nd Annual International ACM SIGIR Conference on Research and Development
in Information Retrieval (SIGIR 2019) took place in Paris, France in July 2019. A total of 426
papers for the full paper track were submitted and reviewed with an acceptance rate of 19.7%.

About 73.8% of the accepted papers were related to neural network, distributed over about 95.5%

of technical sessions.
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# 5: SIGIR2019 D + 7 v 7 Kk
Search and Ranking

a
)
b) Future Directions

¢) Domain-Specific Applications

d) Content Analysis, Recommendation and Classification
e) Artificial Intelligence, Semantics, and Dialog
)

g) Evaluation

Human Factors and Interfaces
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SIGIR2016 ® 3541 T Christopher Manning K
(A% v 74— FR¥) 1 SIGIR 12 b VEIE Y5 h 20k
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SIGIR2018 O 7 L —s$—13#7 46.0% (40/87 A&) %3
NN BH#TH > 7223, SIGIR2019 TIEHY 73.8% (62/84
A) L KIEIEML 7%,

v a VHATE, SIGIR2018 T3 73.1% (19/26)
Dty a Iz NN BEO A3 L T 722323,
SIGIR2019 T4 95.5%(21/22) IZJLhA3> T %, SI-
GIR2019 D+ v ¥ 2 » T NN BIHOF AR E VWb D
IHERS (A, 70), ERIGE (2A), MEE (BA) , 77
7 F v, 77430 —L Legal (3C) , Personal-
ization &fAATEROMER (6B) , %5 /B AE—
FNWVkR (TB) , 77y ¥ av<yF (9A) , Hashing
(8B) HTH 3.

SIGIR2018 T NN BJ# DO EIGIKE >t v ¥ 3
v 13 New IR Applications, Conversational Systems,
Question Answering, Hashing & Embedding TH > 7z,
Z D9 5 New IR Applications Dt v > a v DI 7

20Neural Information Retrieval D7 —% 3 av 7. https://neu-
ir.weebly.com
Fy=HpleyrarD7 Li—xX—DI b, TOIS(ACM
Transactions on Information Systems) D ¥ —F VX = k<.
223309 290 89 DO HIWHIFEARINICIE ¥ — 7 — F3CFH1 (‘neural
net’, ’deep learning’ ) \— 2 Tfi>7:, future work O &I
Bid ol MBUNLEDSIEZY LAEDICHRITE 2 D7
735, NN OFE & RETEROMKE L NN BHEe L Tws,
BREICAHTIO® v > a v 23707 7 A EERORRIC 2 Tn
ZHERELDTLI Ry av ATy L.

0ooendd



°

1 2

IS
@
o

(3A,7C)

(7A, 9B) Relevance and Evaluation =
(2A) Question Answering

(5A) Conversation and Dialog

(2B) Collaborative Filtering

(1A, 9C) Learning to Rank
(2€C) Knowledge and Entities
(3C) Fact-checking, Privacy and Legal
(6B) Personalization and Personal Data Search
(6A) Social Media
(3B) Interp ility and ili
(7B) Multilingual and Cross-modal Retrieval
(9A) Fashion Match
(8B) Hashing
(4A) Recommendations and Classificatiion
(4C) Users and Tasks

(1B) Health and Social Media
(5B) Efficiency, Effectiveness and Performance
(4B) Queries
(8C) Summarization and Information Extraction —— m neural
(1C) Search Intents =
(8A) User Behavior and Experience ===

m all (except for TOIS)
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0 AE—F IR E IR OARE R L ey F
BT 5D THD, TsITRIGT % SIGIR2019
D7 UAE—FIHREME (TB) L 77y avr=eyF
(9A) D v a v DFXbaT NN E#HTH 25, X7,
Z DAt DR FERDE, H )5, Hashing B D+ v > 3
2O WTHEERICA TS NN B# %124,

Fiiz NN B G OB H 32> D I3 HERE (3A,
7C) Dy aryThHhsb., 7, Knowledge Base ¥
Entities BIi# (2C) T4 NN BLHOMIADHE Z T 5,

NN B O XD FEICEIT 52 ¥ — 7 — FTld at-
tention 23§ %A (£ 40 £4:25), attention mecha-
nism A I N T3 b DI 18 1, BERT 137 4
I, Transformer 238 dH 72, D FETIZ RNN £
% ¢, RNN, GRU, LSTM %% 15 226, Seq2Seq
BRI 3H o7, Ric%Hho7-DiZ CNN £ T, CNNH»
144, VGG & GON 3% 234dH D, fihicix GAN
BRI 2D - Tz,

2.6 ZTERX

Best paper & Wang & [16| DF ¥ 74 v D7 %
v 7T 21198 C, Dueling Bandit Gradient
Descent (DBGD) #®REL, 7TV DEADEL L 7
VXV IS AR L TMRGRE - R L, 22—
FLOD7 )y 7 ZBICETVEERHTLE, 2—9
DEBEOITHER D 547z b DIEE T % 2 4 X%
bk L CAB P D variance /NS £ T % Fikz %
L 7.

245IGIR2019 Dk v & a ¥ Tl3FK45A, 2A, 8B ICHIET 5.,
BPF I XD F — 7 — FXFFN O BB E R b DT, Fik
DIEMER A TlE %\,

264 % Bi-directional RNN, Bi-GRU £/, Bi-LSTM #J 8 4
rEL.
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Learning to Rank

New IR Applicati
Conversational Systems
Predictions
Fairness & Robustness
Ri der Systems — Methods
Entities
Log Analysis
Medical & Legal IR
Recommender Systems — Applications
Privacy
Evaluation
Question Answering
Hashing & Embedding
Content & Semantics
Social
Knowledge bases/graphs
Location and Trajectory
Social Good
Behavior
New Metrics
Interfaces

Sentiment & Opinion
Crowdsourcing & Assessment
Mobile User Behavior

App Search & Recommendation  —

VI

m all (except for TOIS)
M neural

X 10: v a vl NR—R—t =2 —F ) 3w
I B o> G SCEL (SIGIR2018)

Test of Time Award?7i&, @R DML n-
DCG DB EIR (a-nDCG) Z % L 7 Charles Clarke
5 [17] 1T S .

2.7 EREH

v Fa—ty VIRRFED 7 1 7 B EHRIR
RICBI A vy 77 ayOEBEEICOWTHEHL
18], 2—H—A ¥ F 7> avicBiT 5 EaRR%
DEERZIRDIKY, BHREELHFEIRERICE T 5 A
V8 Iy a vreEslEAN L .

7 7 v AE SR H BB O Research Di-
rector D 2 3 PRI, HICHZ 2R o BEHE L
V9 P THL 7 [19], GHT— 5 % o 7 A
D= OFEH, By & FHZ VideoBERT THIE
D2V FE—F T =¥ %5550 H T,
B FAhD 7 7y a v 208 76, WA
(temporal dependency) A LA 7Y =7 + DREFRD
79 7% AT AThD 7 7y a v OB, Graph
Neural Networks % RPN(Region Proposal Network),
attention %% O 7ATEI P OHASE 2 HNL 7. 5
BoOMFEOH L L CIHEMR LD 877> 3
VDO DEE RS

28 Fa—hkUZ7l
SIEE 6 ISR T 1L DF 2 —F Y PNV H > 728,

2735 10-12 45D ACM SIGIR 28 A K v — DR T b A v
N FPDOREPO RIS NS H.
28http:/ /sigir.org/sigir2019/program /tutorials/
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# 6: Tutorial (SIGIR2019)

Tutorial

FEv 2

a) Building Economic Models and Measurement of Search
b) Effective Online Evaluation for Web Search

¢) Learning to Rank in theory and practice
d) Deep Chit-Chat

) Example-driven Search

) Explainable Recommendation and Search

Web Table Extraction, Retrieval and Augmentation

Deep Natural Language Processing for Search Systems

Extracting, Mining and Predicting Users * Interests from Social Networks
Fairness and Discrimination in Retrieval and Recommendation

by
h)
2
h)
i) Learning to Quantify

(
(
(
(
(e
(f
(
(
(
(
(

MR ORERTE 7V L AHIEEE, W7 + L — v VBLRAE,

Web MR D A > 7 A+ T,

7V F v EEOME &S, A7 — AT 4 >~ 7, NNJEA, Unbiased Learning %,
Deep Learning D F ¥ bRy b ~DJEHL

example X\ — A DR,

DU ETRE 2 e & BsR,

Web 7 — 7 Vi, BeR, d56R.

BT © BIBER Y AT LT D Deep Learning R — A 0 H A S GEALEE,
I—FDOEHDVA =V, V=Y ¥V Fy b T —IhoDvA =7, Gl
WS, HEWEICE T 2 Fairness(2FHE).

Quantification (/€ #1k).

Yandex & Facebook IZ & % (b) Web HREBDF »
A VEHlioF 2 — Y 7OV [15] T, & v 74 v
FEOMEEOMIZ, Yandex TDA ¥ 74 v FEBRDOHE
Blzmy B, *v 74 v 7 A P FEfioEEE, RR
PNA T AEDORE L E, 56 a2 LT,

2.9 SIRIP

SIRIP? %, ¥ TD IR DIGHICET 23D T,
M4ty ardfrbiszso,

Netflix 225 FA Y —3S v/ —E2Da vy F v
Y RBDFHIHNDH > 72 [20]. Netflix DRI
IZ'Fetch’ (BRER T 394 ML RESTWLIEHA)
Find’ (FFEDOPEESE, FRIGAMLZ DY T 2454
FVBSAHDEE) , "Explore’ (¥ v Y IV&%, LD
IAHI TR L 7 wia) @ 3HEEDH 5. RERD
Pl 8 13%RFIHTE Ry T VIcBET 3 Y
DEWEIN, ZOHEICED L) LHEEVPLEE L »
D, ELRERERLHER &) AaGbY 0%, B
DI\, ANRED 2 —F OEHEZEINT 512134 v
ARGV Y —FBENTH B, HE 7 1) 1E Web i
RICHARTLERDER L%, MBEK OB
HLwvw, £, 7ZVANROXF—RAtu—2 %24k
CL7Z20D, Ny IZVDANE, AT LICEk>TE
7V XD LTFEPHEZL5E50H 5. 2—FDiTH)
T—F B, MEROERREREOHPAZ 2 727 7
R—FBRNELEDZETH D,

zx

210 7—9v3av>r

SIENERTIORT 8T =T ay TBdH 73, #Hil
WY —=7vay 7, W=y MET50
(WCIS2019), fE#OFEMEICEIT 2 b D (ROME2019),
IR IZ¥F % Fairness, Accountability, Confidential-
ity, Transparency, Safety (B89 % b D (FACTS-IR

298IGIR Symposium on IR in Practice

30SIGIR2016, SIGIR2017 Ti#% 3 £ v a, SIGIR2018 T
26+LviaryThol.

31http://sigir.org/sigir2018 /program/workshops,/

2019) T, &kt L CHFEMCHmEMEICEET S FEY
7)) bONE > TR 5,

Wiz —Y v b AV I aviclT57—
27 ¥ ay 7" WCIS201932 ¢l Facebook 2> 5 AI A v b
AL OZWOMIEEIFN SN, BEROMEDOFY %
ENVFTBDEET D, HEORY ML > TORE
mDAffEIZ A S S0 g, MNEE» SHEM T 2, WEEDIG
Btz WS ODAERLTEE, ZOBROEMZHEE
L THR&IIIc b - & b reward iR 235 < 7 3 F656 %
HE8, dialogue rollouts &\ 9) FIERERTH 5.

2.11 SIGIR2019D ML YR
SEDOMLY FZMTPICELED D,

o NN BHH OGS E SN (7 )V R—=3—DFY
73.8%, T =Ankvarofl9ssh).
Epl-cirhEDEHET, Sk, RIS B E1
F 7w 7 IR FREUIATINC KL & 3 v T v Y o
Helg - BHBL L, Lt TRBE T v X v 7
%o,
X v ¥ a VHESCEIIHERE, WEATE L FHEINS -,
Lty >a RN &S (3B), 77
y¥aveyF (9A), 7 v RE—F LHEEH
(7B) 4.
SMERD %ol v & a vIidEATE & G
(TA), WEREK (1C), MRk L FHY: (3B), 7
XV IEE1(1A), 7Y (4B), HiEkE TV
T4 74 (2C) &,
FLwy—2ryay Z3AEE—2 = v B,
HEHROFEMEL IR OfHEMEICBT 2 b 0T,
BERELTREICHTAIEY 72T 5,

A SHRT

AR D 7 7)) THINEERE E 72 1% like D% 2o 72
tyyarvho ORI ERNT 5.

2.12

32https:/ /sites.google.com/view/wcis/
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% 7: Workshop (SIGIR2018)
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WNEEL—Y 2V b, A VP T2 aVvy AT A,
IR 128 % Fairness(2AF-4), Accountability, Confidentiality , Transparency (EHI:), Safety(Z4x1E).

ETVFARA M) I RACE BT INTA T 5 OKEK & RS BN

ad hoc ERD T A FaL 7 a v\ replicability v L v 2.

Za—AEWER. Ty —F VAL, T2 AV Za—R, 777 bF 2y 7, Za— A,
77V Fay, FRERRLZ 2RO, V=2 ¥ VR T 4 T ~OBUEHILHL D 53 BT

2.12.1 TA: Relevance and Evaluation 1

Sakai & [21] IZFFHiFEEEE A DFHM & L T, adhoc 1
RO L diversified IR(ZHALIER) DR (B 30)
& XRIZ 2 —Y D preference & DA% T2, FEii
WS 7: 15 A LTr Y & 2 oMK Rz
AR L, WEMEIC O WTIEekE LTy o)
L DAL TR BRI, SRRECO WTiREDS
{DL—FZiliE I 2 MRGER L BRI 296i%
fTo 7z, BI& D preference & HEED—H 2 TRz &
2%, #MAMIc oW T adhoc R T (V6D
fEEE (] : nDCG) 1 X { Ao T/, LMD
TIFEKEFR (intent-aware) DIFEEDRERNE L %2
o,

2.12.2 1C: Search Intents

Zhang 5 [22] 1%, =V DOMRREM %R 2 iR
WM #2284 %5 GEN Encoder 8L L 7. 71
BHRENZRTICEA T ELE6LH 20, 27Uy
IBPT L7 ) IFEKDEVWEEZ, 7Yy %
MR EX %27 implicit 2 7 4 — KNy 7 & L THH
L, 27Uy Z7PBEIL 7Y INEL 5 &9 Ioiail
Eicey B 795, 6T Y RAYEETHE
ExREDTWDS,

2.12.3 2C: Knowledge and Entities

Imrattanatrai & [23] 37 ¥ A b 6DV T 4 T 4
D7 RT 4 A DERE % knowledge graph(LA T KG
L) 2RI L TRy ay MEETT) HiEE R
KLz, BIZERFOLY T4 T 41220 TZ O
(7NN, bTv 7)) LOBRERT 7087 4 (al-
bum’, ’track’) Z#@ET 256, KGDOHET 087 112
MRS 2Rz SRS Y 7uh o, k5 REE I
T2 35 (KF) L HWEE (T ANL, P Ty 7)) ZHhil
L, ZhozauXe BT 2, KGo7ms
T 4 DIDIARTTEIZ KG D72 2555 %2 o TR
L, 5Ty T4 74084 72 THELZE
DTW3,

2.12.4 3B: Interpretability and Explanability

Balog & [24] 14 transparency (&) & scrutability
i A 7S A T L2 RE L 7. T 2T scrutability
EIFT AT LD L 72 2 — Y D preference & 1 —
HYDHEEHREL TBIETES 2L Th 5, REVR
7 L% transparency 2R S RN SHERY R T L L[
DUWERETH %, 7, scrutability IZDWTIXY AT A
DI L 7z preference & 21— DERGRME 2 B 5D
%<, 2=k BBIETKEDORMDYH S 2 L AR
L7.

3 ERDOIZa=7+DEM

2017 £ 12 HiZ ACM SIGIR DHLG T H % HA
XA DL L, ENNDWIZE 2 2 2 =T 1 DIHRDONE
WD 728, SIGIR Bi#ED X I F—HD A4 RV FREH
U DIEFRAEEZITo T\ %, 2019 4E 10 HIZIZ 5D
SIGIR2019 Z &L EHR 7 7 £ AR DEBERAHEDH LD
Ft A2 (IR Reading2019 FK)4 2B L 7. £ 7, 1M
BEMEICEB T2 HAD LY R EDRo, [y
FOREBREFICHRE T EDRLEZRNRICLEXA VS
Y79 =23 a2y 7 POWIR ZBEL TE D, Sl
FC 2 A3 SIGIR2019 TS 7z, XD POWIR
2020 Winter® (% 2020 4£ 1 HICBETPETH 5.

4 HbHbHIC

IRD Ly 7Hv7 7L v A SIGIR2019 732019 4E 7
Az 80 ChlfE S 1, WERS D 1,025 L3S L 7.
7R = — IR LA % 426 AR S 4, BRI
I 19.7% & 2R L 72 (EEIX 21.0%). EBITIX
Pk, PR ShEOBEAAE <. NN 1B §
BHZRIET 7= Aty a vy 955%, 7_—
N=DR 138%IZ NS> 7=, &tk & L THEE BT 3
X% WD T VL B,

33Tokyo ACM SIGIR Chapter, http://sigir.jp/
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35http://sigir.jp/post/2019-10-17-powir2020winter/
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