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Abstract:

This paper describes an interpretation support system for classification patterns

extracted from deep learning with texts using HMM, and verified its effectiveness. It is well known

that classification patterns by deep learning models are often difficult to interpret the reasons

derived. In the proposed system, the content of deep learning results is extracted using HMMs,

and classification patterns are provided for the system users to interpret the learned features. In

verification experiments to confirm the effectiveness of the system, based on the learning result of

deep learning classifying sentences, In the experiment, one group used the proposed system. The

other group used the system that displays words with high TFIDF values. The results show that the

subjects who used the proposed system were able to understand the meanings of the classification

patterns of deep learning with texts more deeply than those who used the comparison system.
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