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[(3A,7C) Recommendations
(7A,9B) Relevance and Evaluation
(1A,9C) Learning to Rank
(2A) Question Answering
(5A) Conversation and Dialog]
(2B) Collaborative Filtering
(2C) Knowledge and Entities
(5B) Efficiency, Effectiveness and Performance
(3C) Fact-checking, Privacy and Legal

(6B) Personalization and Personal Data Search
(7B) Multilingual and Cross-modal Retrieval
(3B) Interpretability and Explainability

-----------------------------------------------------

(4C) Users and Tasks

(6A) Social Media

(4B) Queries

(9A) Fashion Match

(8B) Hashing

(8C) Summarization and Information Extraction
(1B) Health and Social Media

(1C) Search Intents

(8A) User Behavior and Experience
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Recommendation Systems

Evaluation
Efficiency
WebSearch
UserNeeds

Speech and Conversation...

Retrieval Models

Question Answering

Privacy, Advertising, ...

Novelty and Diversity

Music and Math

Microblog

Learning-to-rank

Learning

Image and Multimodal Search
Events

Entities and Knowledge Graphs

Behavior Models ...

o
=
N
w
I
wn
fo))

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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[Nomoto2018HO]p.27
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SIGIR2017 & v > 3 > Bz XK

0 2 4 6 8 10 12

14

Filtering and Recommending

Retrieval Models and Ranking

Search Interaction
Evaluation

Document Representation and Content Analysis

Efficiency and Scalability e
Personalization and Privacy |HE (F6)
Other Applications and Specialized Domains -3 5% [(FREe)
Conversations and Question Answering -l T4y JEE|(RE)

Sa—HLY (Bvoe)

BN EAZ Ny g v

Social

Queries and Query Analysis

Entities

ST AR T EHEE
S BRRETFILEST VXY
-BEDA RT3V

[Nomoto2018HO]p.28
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SIGIR2018 & v 2 3 v pllFEx

Learning to Rank N
Evaluation éj\¢/~
New Metrics
Behavior - *E?E k%@)
Privacy L34 k
Mobile User Behavior ,ﬁ iﬁ@
[ Recommender Systems — Applications l e rTavy Eai@ (%i@)
[ocation and Irajecto » o~
ey -a—-H&Y (o)

Medical & Legal IR
| App Search & Recommendation |
Log Analysis
e )
[ Recommender Systems — Methods
Fairness & Robustness

E & N AR A =T

-IUFVIRE
- A—HY DITE DD HTESE

Predictions
Hashing & Embedding - *E%F;aﬁ
Social :

Sentiment & Opinion - < N
Ly ya>
New IR Applications
Crowdsourcing & Assessment
| Knowledge bases/graphs |
Social Good
Interfaces
| Content & Semantics |
Question Answering

- New IR Application
- Social Good Z

o
[
N
w
N
(0
(o)}
~
00
o

[Nomoto2018HO]p.29(E5E
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[(3A,7C) Recommendations
(7A,9B) Relevance and Evaluation
(1A,9C) Learning to Rank
(2A) Question Answering
(5A) Conversation and Dialog]
(2B) Collaborative Filtering
(2C) Knowledge and Entities
(5B) Efficiency, Effectiveness and Performance
(3C) Fact-checking, Privacy and Legal

(6B) Personalization and Personal Data Search
(7B) Multilingual and Cross-modal Retrieval
(3B) Interpretability and Explainability

-----------------------------------------------------

(4C) Users and Tasks

(6A) Social Media

(4B) Queries

(9A) Fashion Match

(8B) Hashing

(8C) Summarization and Information Extraction
(1B) Health and Social Media

(1C) Search Intents

(8A) User Behavior and Experience
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F7UED £y 2 Y RISMERE - likef D57 (SIGIR'19)

45
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30 (zxV) °,
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0 o
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*1 -
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T77UNED vy g VEISINEEI -

likeZt D 7% (SIGIR’19)
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R ! 1A | (BRIRIE L BB
= 20
(Zvxv 7 %8 1)
15 o?
10 . ® e o ® ’
5 o ° o .
0
0 20 40 60 80 100 120 140 160
SHNE &R
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—a—Z)xy MIEET 2EM(SIGIR2016)

SIGIR2016 EfiEE

 Christopher Manning RHV R EFE D SIGIRN D 25E = F A

I’m certain that deep learning will come to dominate
SIGIR over the next couple of years -+ just like speech,
vision, and NLP before it.

[Manning2016] p.72, Final thoughts.

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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—a—ZI)xy MIET 58ME(SIGIR2017)

SIGIR2017 Neu-IR’17
- SIGIRDFHXD 5 B#923% A Neural IREI:E  [Neural NetsD £ |

30

From the IR zodiac:

The year of the

_ I _ Neural Nets
e & ! 2017
Year

25
1

£ x

p— N
$8 &
Q
I§ n
g8 -
“3
Ss
X e

2014 2015

An Introduction to Neural Information Retrieval. Bhaskar Mitra and Nick Craswell, in
Foundations and Trends® in Information Retrieval, Now Publishers, 2017 (under review).

[Mitra2017]p.3I23B5E

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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—a—7I)b3y FEERXI

—a—ZI)xy FEEDE

o
[y
N
w
»
(O]
(o))
~N
(o]

Learning to Rank

New IR Applications

Conversational Systems

Predictions

Fairness & Robustness

Recommender Systems — Methods
Entities

Log Analysis

Medical & Legal IR

Recommender Systems — Applications

L
C T IR— N — D $946.0% (40/87)

Privacy
Evaluation
Question Answering cFRABFIFEARAPICIETF—T—FR—X (‘neural
Hashing & Embedding . . , a0 N
Content & Semantics net’, deep Iearnlng )’C“, future work & L ’CQSU'
Social

-HDE FFEZLELEBZICHBTED DL DDOAKE

Knowledge bases/graphs

Location and Trajectory Ly 7": .
Social Good
Behavior - a0z 1o sz o
Interfaces

+ v 3> () : Learning to Rank | & Learning
to Rank )31ty > avicx & o7

Sentiment & Opinion
Crowdsourcing & Assessment
Mobile User Behavior

App Search & Recommendation

| all (except for TOIS)
H neural

L)

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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—a—7I)3y FEERXI
—a—Z)xy FBEEDH

A S
c TIR——D #973.8% (62/84)

o
[y
N
w
IS
(9,
[¢)]
~
o]

(3A,7C) Recommendations

(7A, 9B) Relevance and Evaluation

(2A) Question Answering

(5A) Conversation and Dialog

(2B) Collaborative Filtering

(1A, 9C) Learning to Rank

(2€C) Knowledge and Entities

(3C) Fact-checking, Privacy and Legal

(6B) Personalization and Personal Data Search
(6A) Social Media

(3B) Interpretability and Explainability

(7B) Multilingual and Cross-modal Retrieval
(9A) Fashion Match

(8B) Hashing

(4A) Recommendations and Classificatiion
(4C) Users and Tasks

(1B) Health and Social Media

(5B) Efficiency, Effectiveness and Performance
(4B) Queries

(8C) Summarization and Information Extraction
(1C) Search Intents

(8A) User Behavior and Experience

AT IFERICIEF—7 — FR—Z(‘neural
net’, ‘deep learning’Z) T, future work& L T
HIF b DEFZLELRSZICHBITESZDHDOD
AERUNT=.

m all (except for TOIS) -ty g VEMNODH TIERE U AR CERE
DeyravidleyravilxesHr-.

M neural

i
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Learning to Rank

New IR Applications

Conversational Systems

Predictions

Fairness & Robustness

Recommender Systems — Methods
Entities

Log Analysis

Medical & Legal IR

Recommender Systems — Applications

Privacy
Evaluation

Question Answering
Hashing & Embedding
Content & Semantics
Social

Knowledge bases/graphs

Location and Trajectory

Social Good
Behavior
New Metrics

Interfaces
Sentiment & Opinion

Crowdsourcing & Assessment

Mobile User Behavior

App Search & Recommendation

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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| all (except for TOIS)
H neural

E S

C TR — S —D #746.0% (40/87)

t v g VEAOD R

s TINR—/)N—TlZFT7=_—HhH)ILtyrgrdD
#973.1% (19/26)

- RAEIFERICIEF—7 — FR—Z(‘neural
net’, ‘deep learning’) T, future work& L TZIS
L DEFZLUERZICHBTE 2EHDDHE
L 7e.
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(3A,7C) Recommendations

(7A, 9B) Relevance and Evaluation

(2A) Question Answering

(5A) Conversation and Dialog

(2B) Collaborative Filtering

(1A, 9C) Learning to Rank

(2€C) Knowledge and Entities

(3C) Fact-checking, Privacy and Legal

(6B) Personalization and Personal Data Search
(6A) Social Media

(3B) Interpretability and Explainability

(7B) Multilingual and Cross-modal Retrieval
(9A) Fashion Match

(8B) Hashing

(4A) Recommendations and Classificatiion
(4C) Users and Tasks

(1B) Health and Social Media

(5B) Efficiency, Effectiveness and Performance
(4B) Queries

(8C) Summarization and Information Extraction
(1C) Search Intents

(8A) User Behavior and Experience

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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m all (except for TOIS)

M neural

SIGIR2019 v > a Rl 7L R—/N—F@ X &

& 2 S 2K

—a—7I)xy FEEDH

X

c TILR—/—D #173.8% (62/84)

v g VEADODH

s TIR—=N—TIEZT7=ZANLEYya D
#995.5%(21/22)

- FAEIFEARNICIEF—7— FR—ZX(‘heural
net’, ‘deep learning’Z) T, future work& L T

BlIF b DEFFZLUERGICHBITESZ L DD
AR,

-ty g VEMNODH TIERE U AR CERE
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o
[y
N
w
H
wv
(o))

8 9

KHERE

(3A,7C) Recommendations
(7A, 9B) Relevance and Evaluation
(2A) Question Answering
(5A) Conversation and Dialog
(2B) Collaborative Filtering
(1A, 9C) Learning to Rank |y —
(2C) Knowledge and Entities |y —
(3C) Fact-checking, Privacy and Legal *X 777 bFxvy 7, T7ANT =k 5£(Legal)
(6B) Personalization and Personal Data Search * Personallzatlon .ﬂEIA g'ﬁ.&d)diﬁg—:ﬁ
(6A) Social Media
(3B) Interpretability and Explainability
(7B) Multilingual and Cross-modal Retrieval
(9A) Fashion Match
(8B) Hashing
(4A) Recommendations and Classificatiion
(4C) Users and Tasks
(1B) Health and Social Media
(5B) Efficiency, Effectiveness and Performance
(4B) Queries
(8C) Summarization and Information Extraction
(1C) Search Intents
(8A) User Behavior and Experience

* BRIIGE
LS

m all (except for TOIS)

M neural

"'HMN
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SIGIR2019 =2 —J /L%y FEERBXXDF—7— K

fER - AEAE

. attention - Za—Z)xy F(NN) BEOHBX TELONI-FE%
- attention(40) (attention mechanism(18)Z45%) WXHDF—7—  FXFIDOHIBETCEHRRAE
- BERT (4) - BT ER (& TR

- Transformer(“#%)

- RNN %
- RNN(15) (Bi-directional RNN(Z ) = &%)
- GRU(15) (Bi-GRU#H) # &1)
- LSTM(15) (Bi-LSTM(8)% &)

- Seq2Seq(3)

- CNN %

- CNN(14)
- VGG(2-3)
- GCN(2-3)

- GAN (2)

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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|Best Paper] Variance Reduction in Gradient

Exploration for Online Learning to Rank

=% ' Huazheng Wang (University of Virginia) , et al.

ETNLDT v TT—Fh
#LZE . Dueling Bandit Gradient Descent(DBGD)D & 5 4> <
A7 FIFEICEVT, AEEDOFH Dvariancez/hx <7
LFEDRE. JTVDEADERDZ I VFUIHhoERL T
BRREERZ1—YICRRL, 2—YDro07 Uy I %TICET
W7y 7T— b3 ERICI—YHIEML -XEERIC
HRITBZE T/ A X%ERET S.

; ; g Figure 1: Illustration of model update for DBGD-DSP in a
Duelin & Bandit Gradient Descent (D BG D) three dimensional space. Dashed lines represent the trajec-

[ ) tory of DBGD following different update directions. u; is the
<::| a Seeing/Interacting selected direction by DBGD, which is in the 3-d space. Red
@ User bases present the document space S; on a 2-d plane. u; is pro-
% jected onto S; to become g; for model update.
— . Displayed Results
% < earning | [pny—mt] [Wang2019]p.838 Figure 1
.q—) Document
< Ranking A Ranking B M\“
[ Document ] [ Document ] :>
:> [ Document ] [ Document ]
[ Document ] [ Document ] Interleaving
[ Document ] [ Document ]

Weight #2
T [Oosterhuis2019] p.126, Dueling Bandit Gradient Descent: Visualization
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Best Paper
Award

Best Paper
Honorable
Mention

Best Short
Paper Award

Test of Time
Award(*1)

10-12F DSIGIRA R A > H —

9C: Learning to Rank 2
Variance Reduction in
Gradient Exploration for
Online Learning to Rank

8B: Hashing

Online Multi-modal
Hashing with Dynamic
Query-adaption

Short Research Papers 2A:

Al, Mining, and others
Block-distributed Gradient
Boosted Trees

Novelty and diversity in
information retrieval
evaluation

18
Copyrlghk(f: 2018 Yahoo Japan Corporation. II Rights Reserved.

DEBETRE A7 FDKE H > 1L

SIGIR2019%

Huazheng Wang (University of
Virginia) , et al.

Xu Lu (Shandong Normal
University) , et al.

Theodore Vasiloudis (RISE Al) ,

Hyunsu Cho (Amazon Web
Services) , Henrik Bostrém
(KTH Royal Institute of
Technology)

Charles L.A. Clarke,
Maheedhar Kolla, Gordon V.
Cormack, Olga Vechtomova,
Azin Ashkan, Stefan Bittcher,
and lan MacKinnon
(SIGIR2008) [Clarke2008]

EonzE.

=AN
aff

T T B S RS

DBGDD LS5 BF V74 v r2HICENT, 4
BEDF Bl DvariancezZ /NS K T HFEDRE., 7T U D
BEADERZ T VF Ikl i-REREZ1—Y
IZIBRL, 2—Yrons )y I%TICETNLET v
T— b2, ERICI—YHIEL F-XEEHEICHIR
TEH5ZET/ARERETS.

ISR LT D L MFEIEn-DCCHHREAR(a -nDCG) DIRZE.
n-DCGIF1—HY DI/ TV IIHNT 2KRFRHERY X FOHEE
Ee%® 7% %2EZEL CFHMT 2EE. AfETIE
g T ) BIEDEKRMEZ BRI B - Ddiversity &, EE
L7-EERZ 8T Dnovelty ICERE L /-3 MIEE % 12

=
=x.

(&%) ACM Digital Library ® &z DX 7 > 0 — F#(3,544.) 2019/9/208 &
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The Importance of Interaction for Information Retrieval

#EE ¢ W. Bruce Croft (v Y F 21—t v VYKZFE User Intent Tonnomy
TY—RME, O VILXILFRIL Y TRIAS)

Code Label Description Example %
oQ Original Question The first question by a user that initiates the QA dialog. If a computer is purchased with win 10 can it be downgraded to win 77 13
T 7 RQ Repeat Question Posters other than the user repeat a previous question. | am experiencing the same problem ... 3
$I§ 4‘% § j:_) (,j' % /r ﬂ 7 7 ‘/ 3 / 0) E g I‘i cQ Clarifying Question Users or agents ask for clarification to get more details. Your advice is not detailed enough. I'm not sure what you mean by ... 4
FD Further Details Users or agents provide more details. Hi. Sorry for taking so long to reply. The information you need is ... 14
I\ t° \\/ 0 o FQ Follow Up Question  Users ask follow up questions about relevant issues. Thanks. | really have one simple question --if | ... 5
N IR Information Request Agents ask for information of users. What is the make and model of the computer? Have you tried installing ... 6
— ) — > N ,7F7l<
- 1L -U- ’f / ﬁ 7 7 “/ 3 / Bg —a— Z) I RE}F O) E PA Potential Answer A potential answer or solution provided by agents. Hi. To change your PIN in Windows 10, you may follow the steps below: ... 22
R s A = /J @ §F=|" PF Positive Feedback ~ Users provide positive feedback for working solutions.  Hi. That was exactly the right fix. All set now. Tx! 6
- BI0E, NENRRICBTI2A 277 3>
NF Negative Feedback  Users provide negative feedback for useless solutions. Thank you for your help, but the steps below did not resolve the problem ... 4
*1
‘ C I | R O) Eﬂ: 1§IJ GG Greetings/Gratitude  Users or agents greet each others or express gratitude. Thank you all for your responses to my question ... 22
AN = JK Junk There is no useful information in the post. Emojis. Sigh .... Thread closed by moderator ... 1
* 7 ’féﬁi PETE] P jis. Sig y
o Others Posts that cannot be categorized using other classes.  N/A 1
What Next? [Croft2019] p.54

Intent-aware7s (BEXNE#RE D) WEFED LB (ERK - BEDNA 7Y v FT)
HASEIEMR E HRET LD A H

BRBRD 1= OBARM/implicitZ X 55 € T )L DIFZR

EIERFDA X772 averRBRICEBT 21— RET 4

cAVRT T4 TENEARRD &Y BWEHIEAEDRR

- KEAT X FaAL 2 3 ORI

A VRT3 DD modesDFEFE

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved. “1: Center for Intelligent Information Retrieval, a research center at the Department of Computer Science, UMass Amherst.
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Automatic Understanding of the Visual World (1/4)

#EmE © Cordelia Schmidk (7 7 > 2 EiERF g ehs@arm) 7 — %% : SURREAL Dataset

cAYE2—REY 3 vORE 5 S_yr:hetic_hUmans
- Longuet-Higgins Prize(3[8]), Humbolt research award, 2;2\‘;"9‘2 f:r'\';!:;c;?ﬁt:h
Inria & French Academy of Science Grand Prix, 5
Koenderink prize=E % #1. 2018 & V) Google AllZ £ S 0.

BET—v BICRZ 3RO HEIER

EAR

body shape

- 7 —74& manual/synthetic/weakly-supervised
- BB D IR
- EBEHREDAVETIa v

[Schmid2019]
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Automatic Understanding of the Visual World (2/4)

RILVFE—RILEFHAFEE
77Ra—F
» VVideo-Bert[C.Sun et al. 2019]
- B)E & REFEON ST BRFEE
f—=vo7—4%:
* YouTube D #32/ L ¥ £'EhiE (320K)
- BEEFRHEE NS =EE (120K)
. zero-shot action classification
- ¥ YouCook I
B SES
- VideoBERTTHIEI L EEDXW I EFE TE S
- accuracylZfully-supervised(ZIE DWW T W3
T RENSZVIIEFIERVWER

[Schmid2019]

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.

ARnceooey T T Y1 IR

T, T '

T, 5 1 T T T, T ol

> ..
!

o JL % Jf " |

VideoBERT =

N )
-
"

[mn ) o ] (] ]

o [ 1
,_] e | e, [[emm)| e | o) cmm| e,

OO O O O O O OO O O
DoUrouow = [ T

Two pre-training tasks Missing key ingredients

e Masked “language” modeling e Video Representation

e Video Tokenization

o Video-speech alignment

Main Idea:
Force VideoBERT to “speak” by
providing a template sentence but

Top verbs: make, assemble, prepare
Top nouns: pizza, sauce, pasta
mask out verbs and nouns.
“Now let me show you how to

[mask] the [mask]."

Top verbs: make, do, pour
Top nouns: cocktall, drink, glass
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Automatic Understanding of the Visual World (3/4)

B R D ETILDHE

Actor and Object Detection

Baseline: hold Relational model: :

(2) Input Video

L [ B |

(b) Temporal Feature Extraction

hold eat

FrE DIRFREARDFZE DR

Baseline

W fall down

Incorrect label: sit

[Schmid2019] Correct label: fall down

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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Automatic Understanding of the Visual World (4/4)

TEF

Relational action forecasting TRl & fER

e Agent interactions modeled by ¢ Ffsffﬁ ;t'
e Nodes are proposed by RPN, edges are leamed
Get up

[Schmid2019]

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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Fa—bHtU7

7 IV

Fa—rUTIL

B8l

&)

Building Economic Models and Measures of Search (&

MRBEOBEFET IV EHEERER 7 + L — 2 v VT EmE.

Effective Online Evaluation for Web Search (£ #:])

Web 182D H > 7 4 > Fh.

Learning to Rank in theory and practice: From Gradient Boosting
to Neural Networks and Unbiased Learning (& 1))

70X v REOEREER AR 7 —XT 147, NNIb
F, Unbiased Learning %.

Deep Chit-Chat: Deep Learning for Chatbots

Deep Learning ®DF ¥ v Fi Ry bADIGH

Example-driven Search: a New Frontier for Exploratory Search

(EH)

example R— X DIEHA,

ExplainAble Recommendation and Search (& 1)

APARTRELHERS & IR R,

£

Web Table Extraction, Retrieval and Augmentation (£

Web 7—7 LI, RX%R, Hihik.

Deep Natural Language Processing for Search Systems (& 1)

FEERD LHRI-RRT X T LEITD Deep Learning X— X
D BAE FEALE.

Extracting, Mining and Predicting Users’ Interests from Social
Networks (& 1))

A—YDOEROYA=ZVY, Y=y Ibxy NT—0h 6D
<A Z=vy, FHEE.

Fairness and Discrimination in Retrieval and Recommendation

(EH)

MR, HEICHIT S Fairness(NFEH).

Learning to Quantify: Estimating Class Prevalence via Supervised
Learning

EE1L).

Quantification(

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.



https://ielab.io/tutorials/economic-models-measures-search.html
https://research.yandex.com/tutorials/online-evaluation/sigir-2019
http://ltr-tutorial-sigir19.isti.cnr.it/slides/
https://data-exploration.ml/pdf/SIGIR2019-ExploratoryMethods.pdf
https://drive.google.com/file/d/1GpZ1rBebN3ICyDZIdyBmbbmK8Bm-d_WY/view
https://github.com/iai-group/webtables-tutorial
https://www.slideshare.net/WeiweiGuo2/deep-natural-language-processing-for-search-systems-sigir-2019-tutorial
http://ls3.rnet.ryerson.ca/wp-content/uploads/2019/04/Users_Interest_from_Social_Networks_SIGIR19.pdf
https://fair-ia.ekstrandom.net/
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Effective Online Evaluation for Web Search(1/3)

[F 2 — b Y 77JL] Effective Online Evaluation for Web Search (Web &0+ >~ 5 4 > 5Ef)

|Z&#& | Alexey Drutsal, Gleb Gusev!, Eugene Kharitonov?, Denis Kulemyakin?, Pavel Serdyukov?, Igor Yashkov?
(1: Yandex, 2: Facebook)

[BiZ] WebWmOF> 74l Case 1 - What can possibly go wrong?

¢ *E*%O)*ﬁ% Anpekc Slogin W =
o > S A== : = | hotels in paris france

el a2 4 sl R — CTR +300%
TR OEBY BR, SATR, fmeee o |

B o765, Sock bt v i P St

places. - Great prices - 0% comission
Reliable booking
For today
For tomorrow

Book now

THE 10 BEST Hotels in Paris for
2019 (from $63) - TripAdvisor

@ tripadvisor.com > ...Paris_lle...France... @
Hotel Darcet. Show Prices. 21,979 reviews. #3
Best Value of 2,303 places to stay in Paris. ... Best

Lodging in Paris, France (with Prices). 04.1217 111217 181217 251217 01.01.18 08.01.18 15.01.18 22.01.18 29.01.18

Top 10 Hotels in Paris, France |
Hotels.com
# hotels.com > ho627514 @

_ _ _ [Drutsa2019] (Part3) Experimentation pipeline and workflow in the light of industrial practice, p.21.
Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.



2SIGIR2019

Effective Online Evaluation for Web Search(2/3)

The change was minor

B®E| BEE ET7H | #HE

fupexc 3 fupexc
KOTUKM _ KOTUKM
MONCK KAPTUMHKWM BMWAOAEO KAPTBlI MAF g NMOUCK KAPTUHKWM BMUWAEO KAPTbl MAF
KOTUKM — 5 MNH BMOeo — Tonbko Kotuku - YouTube
» Anpexc.Bugeo 3 © m.youtube.com/user/onlykotiki

> Expansion of clickable area was found to be the culprit
> Developer considered this a bugfix and did not conduct an AB

> Hugeincrease in taps “by mistake”: users missed the first result

[Drutsa2019] (Part3) Experimentation pipeline and workflow in the light of industrial practice, p.22(Z3BEC.
Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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Effective Online Evaluation for Web Search(3/3)

But more than that... Lessons from case 1
fHpexc Llgin W =
o pari fene AB-test everything, especially when in doubt
Search Images Video Maps Market N
Hotels in Paris — Booking.com : 3 H H H
et . > Firstresultis either the most Even if the change is small
guarantee. - Real revnews»Wldes:Iedlonof ..thls |S relevant, Or the mOSt eXpenSNe . . .
> Onelinein CSS can lead to dramatic consequences
Reliable booking > sponsored
For today search
For tomorrow > -0.5% CTR for the first ad Even if your CEO says this should be fixed immediately
T:H;BE:TH — J > It's better to get data supporting this decision, than to introduce
otels in Paris for H . .
= imstvima P 1o b © more bugs with your fix
b e s > Quite alot of money +drop in UX _ ' _
o5 10 Hotels in Paris France| Monitor everything, so that you can detect changes earlier
Mot hos27514 © > Big sudden change of metric usually means something unnatural:

either user bug, or logging bug

[Drutsa2019] (Part3) Experimentation pipeline and workflow in the light of industrial practice, pp.23-24.
Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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- SIGIR Symposium on IR in Practice

- ETDOIRDIGHA. Industry track(ZFE Y.
ORFEFASEBEPICT I ALty v ay EWITL TRE.
S AVIS D%

- EFEE2K, BIFHEEIE, —MRFBEIRFRIREKTL%), /X0

[SIGIR2019DL]p.iv

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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Challenges in Search on Streaming Services

[Z&#&] Sudarshan Lamkhede, Sudeep Das (Netflix)

[BE] X FY—Iv 7Y —EROaY TV IYRBEOEHIEN
A—YDTHT—X52ERL, EDIBIRERDEFH %
BZI-770—FHANhE

IYVT 4T 4RRD3INEE

5 T fl BELA LI

Fetch ‘ANIMA”  (‘ANIMA’ & WS A FILDESR) ANIMA
Find ‘ANIMALS’ (BH 7 —~ DIER) OUR PLANET
Explore ‘ANIME (7= X&) INUYASHA

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.

: Netflix Case Study

[Lamkhede 2019]
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Challenges in Search on Streaming Services: Netflix Case Study

[%%] Sudarshan Lamkhede, Sudeep Das (Netflix) A ZBIDOFE 2 T ) T8
[(E] XbYU—Iv /Y —ERDIVT Y VIRBEDOEFBN

1-HOFHTF— 2 £ FE L, EEOBRRROHE% D
] i o =S

BR1-778—FHrnE

1T 4 RRD 3 NEE ° e
=Nl BERXA ML e
MEDIAN NUMBER CHARACTERS IN QUERY._. .

Fetch  ‘ANIMA’  (CANIMA’E W5 &4 FLDfESR) ANIMA
Find ‘ANIMALS’ (B4 — < DYESR) OUR PLANET N2 T DT
Explore ‘ANIME’ (7= X{E&) INUYASHA

EEE DG

-FAEATERVWIYT U YOKRRA3I%) > LE L WHE/MRREEEOEEEIX?
c A VARV MY —F
-va—hkoxTY - BRREFHEA
- WYAFHEIBIZEN B W — FIRIENINE ([ VX T 7Y aryDe/IvtEE)
cABVRTFLICE)F—X A —2HPER (N TILE)
—> ZREEBICE LA VTIVT

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.

[Lamkhede2019]
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SIGIR20197 — 2o > 5 v JHIE

WeET— v b, AR50 3 RT L.

FACTS-IR 2019 1 IR IC$|F % Fairness(XF1%), Accountability, Confidentiality , Transparency (GEBR),
Safety(Z &)

EARS 2019 2 AtEARIBE R HES & 1R R,

BIRNDL 2019 3" E7UFAXA MV IRICEBTIRILIAT7 T DKREREBREBULE.

OSIRRC 2019 3 ad hoc BZED TR FaL 7 3> Z2FWT- replicability Fv L > .

NewsIR'19 3 Za—RERRR. TR Y—FUVRL, 740 =a—R, 777 b Fzv 7,
:J_—XEI:E%%

ROME 2019 1 770 MFzv o, BRERBDZ 2 —ADEH, V=Y v AT 4 T ADRIERILER
DO,

ECOM'19 3 e Av—X.

18 *1: 7= > a2y 7EKIRAER, SIGRO7—4 ¥ 2 v 7& LTIE3ER.

[SIGIR2019HP]

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.



S Deal or No Deal? End-to-End Learning of

Negotiation Dialogues

— 4> 3y 7 WCIS201 o : Any i -

77— =3y 7 WCIS2019 I Groat deal, |_(Tead: Any time  }—{(choose: 1x book}—<D>
(MEFEZ—Y v hbeAvR2723Y) one book and thanks! )77 read: No problem  }—{choose: 1x book F—<1>
o . : I'll take every- . \__[read: I'll give you 2 |—{choose: 2x O

=% ' Mike Lewis (Facebook) thing else. write: No way, 1} gy —
(need all 3 hats ™ (read: Ok, fine —(choose: 3x hat |—=<9
BE : Al Ry b BEORSOWE — 3 N
Dialogue history Candidate responses Simulation of rest of dialogue Score

. R=SE | 3
g NS Fa Z& %) %-; AlDZR7 & LT Figure 4: Decoding through rollouts: The model first generates a small set of candidate responses. For

End-to-end= = E" each candidate, it then simulates a number of possible complete future conversations by sampling, and
estimates the expected future reward by averaging the scores. The system outputs the candidate with the

?‘E’k&@ ﬁi*ﬁd) AA &f% x & ') DT B 75\ 5&/ highest expected reward.
- HBFORY MIE > TOEBOMME ;t%n [Lewis20171p.2447

HLING, BASEONEEN OHEA

C WEDISBERE WSO ERL THE,
ZDROEMAZEE L TRENICE2 L&D
reward GREH) 235 < 72 % FEEZ RS,
dialogue rollouts & L5 FEHAFED.

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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kL > K(SIGIR2019)

v NN BEEDHEXH S o (I8N (ZIR—/X—D#) 713.8%, T7=hIltvya>rDi 95.5%).
v BRI TIRFENEER. R, FIREE LEIL

v oy 7RlEEEIZEIRICET T YN - HE - 2FEA%E L, LW TRRE TV F YV
IH %L,

v 2y va VRERXEIIERE, EEMELFHEA S L.

viTLWwEy Y a VISR EHRIAM BB), 77viarvyF (9A), 7ARXRE—XIER
B:&E(7B) 2.

vV ZINEFDOE -7ty P a VITEESEEFTMITA), RERER (1C), MR & SRR
(3B), 7>F>7FE1IAA), 7TV (4B), MFL T T4T4<20)’—f=*

VIILWT =723y TRNETI -V oy FEE, BHROFEEC IR OBERBICET S
DT, EFEELTEREICEHISIEY IAEZTWDS,

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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ANty ay - KR (&577Y) 1/3

e | w1

(41) 2C (11) Identifying Entity Properties from Text with TFX ATV T4 T4 D7 AT 4 EE % Zero-shotEEH
Knowledge Zero-shot Learning (Kyoto University, University TR} %. Knowledge graph embeddingh 51877 0/87 «
and Entities | of Tsukuba) D embedding % F) .
#Omo#FiE  (10) ENT Rank: Retrieving Entities for Topical fEY 7 DBFRERICH LFEENHT —XZHWTEET
20195978238 Information Needs through Entity-Neighbor- T 14 T 14 2% .neighboring entities(co-mentioned or
I Dlike 28 Text Relations (University of New Hampshire) mentioned-on-page) D1EIR, XARIEIR % F H.
(32) 1C (11) Interactive Intent Modeling for Exploratory 1 —YDi&RtL Yy > 3 VICEITF2REERZET /L2 —F
Search Search (University of Helsinki, Aalto D7 4—FNRNy 7%TITY AT LIFRREROFAZMEE, 7]
Intents University) (TOIS) B L TR
(10) Generic Intent Representation in Web 1—YOBRRENZRZA D2PHRFZEBMOFE.Z7 ) v I D
Search (Microsoft Corporation) HWLTWB 7T FBERHEWEEZ, 7V vy 7 2FALT-55
HEnH ) FE,
(30) 7A (9) Which Diversity Evaluation Measures Are TEIRIR TR D FFMIEIE (adhox(9) + diversity(21)) AARHIC 21—
Relevance "Good"? (Waseda University) Dpreference M L T3 B, FHl&E 15 H'SERP(1,127) %=
and 27 L THREE. Adhoc D £ 4 351Z(nDCGE) 13 ADFEME b
Evaluation 1 &> TW7=, Diversity@iEZIFE>TWLWAELWEDHZ L,

(7) Revisiting Online Personal Search Metrics A—HIZEBRR - FAEBETHOEWEZERBLI-FHLLA T4
with the User in Mind (Google) v @IS ZpMetrics & 1R X,

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.



(@SIGIR2019

Aty v

session title

- K (G T77Y) 2/3

=

(27) 3B (8) Transparent, Scrutable and
Interpretability | Explainable Use Models for
and Personalized Recommendation
Explainability | (Google, USC Information
Sciences Institute)

Transparency & Scrutability%ﬁi?‘:?ﬁ%*‘/x7_—!—\%3 HiEL. UTzH7:
T RT LZFRFE. SOTAD Y T L L EFED MR

(a) explainability(>> 2 7 LD ERHE L TWB 21— ﬁd)preference%zlii\ IC1E
;=) (b) transparency EEA WX LTIV RATLAED LS GHHE LT
W3 e < 2—H(C3RR) () scrutability (3 X7 LAERE L 7-2—Y
Dpreference* 1I—HY B ENEEREL TIEIETE 3)

(26) 4B (7) Information Needs, Queries,
Queries and Query Performance

Prediction (Technion, Yahoo
Research, RMIT University)

(7) The Characteristics of Voice
Search: Comparing Spoken with
Typed-in Mobile Web Search
Queries (Ben-Gurion University
of the Negev)

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.

3 DQPP(Query performance prediction) DFETIXERBBTE A h > 7=,
BHRERAZRBTIVNRDITVICLZEVEBESH,ICT S, £/, EL
BREKRZERT VT VEHDOBERZANBIZ2HLVQPPO 7 70 —F #RE

BEERBEOIIY DEFHETFR MY LB L2947, Yahoo mobilet®
R DA GBO0K64s B)FIE. h—FTTFR MV LYEEFIZUN
FUA—ICHRYPTULDIEFRET A, CQA (community question
answermg LY EHMNEFTEI/IVIETER N DY LY BARESEICE
W, ZEERROMITREA L LA,
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Aztyay - -F®gK (&577Y) 3/3

T S —
(24) 1A (8) To Model or to Intervene: A A—YEDAVERZI7arvhbDI vy IFEICEITAN

Learning to Rank 1 Comparison of Counterfactual and 4 7 XAAD O AEZLLE. () BET —XH D DFEE DR
Online Learning to Rank from User (CEADRABEZETNNA TR ZBRELTA—YDITEIET L%

Interactions (University of K (b)) I—YETNLEFEOLTHTA4 2V TNATRICHILT B 7
Amsterdam) HDONAZITS. (@b)EbLLIFENDINI=ED/N( T X
(selection bias, position bias, interaction bias) A"E X (.
(23) 7C (8) Bayesian Personalized Feature 137 1L Z UYL <HVLWLNEFEND—DOTHD
Recommendations 2 Interaction Selection for Factorization Machines(FMs) T4 T dfeature interaction%

Factorization Machines (University X&R& 92 Z &M% Hh -7z, ~E%Afeature interactionZ & <
of Amsterdam, Hefei University of  feature interaction selection(FIS) A"&IT;FE 2 EH T3 A,

Technology) 3 —HI|Z & Bfeature interactionMEWEEE L TULRL, AT
7% Tl Personalized Feature Interaction Selection % 12 Z.
(22) 5B (7) Statistical Significance Testing #{&TAIIRTE % IRD T — X TIREL.
Efficiency, in Information Retrieval: An
Effectiveness and Empirical Analysis of Type |, Il and
Performance Type Il Errors (Delft University of

Technology)

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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Which Diversity Evaluation Measures Are "Good"?(1/2)

E# : Tetsuya Sakai(Waseda
University), Zhaohao Zeng(Waseda
University)

el : OfflineDFHE Tl & DIEES
Ruabhnzign

BE: 21—
preferencec‘i%?affﬁﬂﬁl‘ﬁlgé"l%‘*a

QL TEROBRRTY Vo a—Th
COELSTUEAALEE LES,
ENBDI-—YERREEZDIE
EBOORFBRTT A, |

(02: Tathe LT, £Hboh%iE

Y DSERPIZXIT 5

l Query: “Kokoro” by Soseki Natsume ]

TTADOVTOLEa— - B8 BR KRG :A-To0)

idetail booklog jp/asin/4087520099

3 HERG B8 - info'search

isearchsq32 net/search/ = & 3+ BEIRE B8

EBRAICOVT - EBRERECC3RY hNTHD DHERASTNS
http://natumesouseki seesaa net/article/ 18989626 html

Yahoo!#AJRD REWOR - REY V5l - EERA [TT3) ot
http.//minna topics.yahoo co jp/topi/319345/
EB®RCCS

p-//www.aozora gr jp/cards/000148/files/773_14560 html

HEUPodD:15: M- BE< BN [CC3) BEERA
2006/07/post_29 ntml

D/ www.ohanashipod Jp/podk

gE8#A [Cc3)

hittp://www.pluto-dm.com/book/list/natumek htmi

MNERZAD 223 (BEERA) NERE] GPIRZT) RE

http.//www.desuno.net/kokoro html

SEWE [CC3) W
-

shinchosha.co jp/book/101013/

B8RA [CC3) - 12
wewrwnilab inf /0001 N

Q1

IV CCAEERA
BE#A T3 | Valuset)(Ua1—tZwv R
it lueset jp/amazon/index/keyy EERECC
gEE8E/oJVI0Y
¢ igobe.n Se9475de75 htmi

k(S [\ ISCC3

http//wwew hatirobei com/ A E R T /NKNS/C =5 BEBE
BER®A [CT3)
http-//wwew pluto-dm.com/book/list/natumek htmi
HE#A [Tnns]
hitp/Awwew pluto-dm.com/book/list/natumeso htmi
Blog ZIR & HERE

tp//wwwvoicediog jp/kotoba/car 26 htmi
CTAMEEEDTHIELRE.
hitpJ/dar1. 18ng net/ar195/
T3 EEMA BAEX - info'search
hitp/isearch sq32 net/search/Z = 5+ BT+

ellerbook cocolog:nifty.com/blog/cat662760/index htmi
HEUPod/ TR I T3 - h 77— DT
vw.ohanashipod jp/podca: nabe/cat16/cat20/

STORYTELLERBOOK Ry R¥v 74> by LDR:EB#RE [C23)

—

BROBRRTI > > A—YNCORUITIVZEANUIZELFETS, IDZL<DI—TFEEESEIDEELES

DIRFHERTIN ?

Assuming that multiple users
entered this same query,
which SERP is likely to satisfy

/

Q2

ok LWIFNOBRBRREITVIC2GESUTLEL of

PARELUT, EE50RF/ENLDITVGHSELTVEITH ? 1

Overall, which SERP is more
relevant to the query?

a higher number of users?

L%73*‘71') ICEELTWETH? ]

J

Ur s | — L O IERAB R

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.

LEFT “E

O LWTNORBRBEIIVIC2BSLTLEL

== RIGHT |

[ Both are completely irrelevant to the query ]

e ]
Figure 1: Preference judgement interface used in our experiments.

[Sakai2019]p.601 Figure 1
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Which Diversity Evaluation Measures Are "Good"?(2/2)

F—%. FEREOHER

- Adhoct®ZRDIEE(WDCGE) 12 ADBESMHDOITMmE S > T -,
- ZERERROIEE T BEXKERE (intent-aware) DIBIEZE D FER H
B lrh o7

Measures
(b)Y 11127 topic-SERP-SERP triplets frc
(€) two 15 % 1,127 user preference mat

You can evaluate YOUR favourite
measures using our data with the
test collection + runs!

http:// research.nii.ac.jp/ntcir/data/

- RBP (p=0.99,0.85) O and &
* Diversity measures (diversity
- D#-{nDCG, RBP (p=0.85)} perfor

- D#-{nDCG, RBP (p=0.85)} >RBU.S
axioms may not mean better alignme

[Sakai2019]
Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.



Generic Intent Representation in Web Search

=% ' Hongfei Zhang, Xia Song, et al.(Microsoft)

BE -V ORRERZIRZ D2 0HKRRERMZ=FE T 5 GEN EncoderDigX.
L) IRBRERNERTICERTDEGZELH D,

-7y IHRUTWBR T Y IFERSEWEE R T,

-7 )y o RREMAERT implicit 7 4 — KXy 7 & L THHETFEE, RLRFBHERL Y v o Int:
2 T 1) (co-click queries) B’ IEK 3 & 5 ICHBIKRBEERFICYy BV 7.

- ablation studies TIRBEMDORIRFZICE ITE 7V v 7 ERILFRRIZFBFOEEML % HER.

Query Intent Similarity Paraphrase Classification

Method General (NDCG) Easy (NDCG) Hard (AUC) Question (AUC) Query (AUC)
TF-IDF BOW | 0.4969 - 0.8047 - 0.4740 - 0.6869 - 0.8992

Emb BOW (d) | 0.4842 —2.54% | 0.8567" +6.47% | 0.5059 +6.73% | 0.7093" +3.26% | 0.9146 +1.71%
Emb BOW (q) | 0.4834 -2.71% | 0.8583™%  +6.66% | 0.5055 +6.65% | 0.71117 +3.52% | 0.9186 +2.15%
CDSSM (t) 0.3830 —22.92% | 0.82377 +2.36% | 0.4476 —5.58% | 0.5382 —21.64% | 0.5973 —33.57%
CDSSM (u) 0.3857 -22.37% | 0.82817 +2.91% | 0.4700 —0.84% | 0.5067 ~26.23% | 0.6112 ~32.03%
Seq2Seq (t) | 0.4606 -7.30% | 0.85937%%  +6.79% | 0.5300 +11.81% | 0.7184" +4.58% | 0.8724 ~2.98%
Seq2Seq (u) | 0.4499 -9.45% | 0.85847%%  1+6.68% | 0.5106 +7.71% | 0.7044 +2.55% | 0.8721 ~3.02%
RLM+ (t) 0.49857F1  4+0.33% | 0.85707 +6.50% | 0.5036 +6.24% | 0.73437% +6.91% | 0.9562F1  16.33%
RLM+ (u) 0.4890% -1.59% | 0.8592%%  +6.77% | 0.4938 +4.17% | 0.7138" +3.91% | 0.93317% +3.77%
BERT Encoder | 0.4643 —-6.56% | 0.8585'%3  +6.69% | 0.4977 +5.00% | 0.73527% +7.04% | 0.9027 +0.39%
USE 0.4958* —0.21% | 0.86357%%  +7.31% | 0.5675'%  +19.72% | 0.79747*%  +16.09% | 0.94777% +5.39%
GEN Encoder | 0.52447F1  +553% | 0.8688 51 +7.97% | 0.6667 51  +40.64% | 0.84861 551 +23.55% | 0.9863 1  +9.68%

[Zhang2019] p.70 Table 4

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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=2 ' Wiradee Imrattanatrai (Kyoto

ldentifying Entity Properties from Text
with Zero-shot Learning(1/1)

B 1982F DT IV/INL, RYTZ—TRATIL - ¥ 7Y VDATIE
FLLERREICHL ETFon=D, ZONIZ [EY— =] &

University) , Makoto P. Kato (University
[lE—bF -4y ] OEBNAEBHICLEEZADKEL

of Tsukuba) , Masatoshi Yoshikawa
(Kyoto University)

IVT 4T 4 DEAEBFBHRDOETRZFICH
B3, T¥F XTI T 4
TAD7TANRTAEGZTET S

Michael Jackson
T > 5 45 4 (Michael Jackson)® 7’0 /%5 4

Duttnd D King of Pop”. he & rgarded 3 ore of D most sgnécant
Mwnmmundnmm‘

(album, track) % =2

Jachaon 2 Veetey
Born. August 79 1954 Gary indana. Urded Sttes
Died: Jme 75, 2009 Wotmby Ml Lon Angeies. Caltorna. Unted

[Imrattanatrai2019]

Sures
Pars Cierdale us

Burial place | orest Lawn
Oid you know: Mchaed Jackson & Do Dwd tesl seling mute anst

weriGwds (190 mBon) wepeda org
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NGO ldentifying Entity Properties from Text

with Zero-shot Learning(1/2)

« Predicate paths: knowledge base(KB) A + 1) 77 7' 0/%5 4 album®
WA TONRT 4 IHEHET 2 &5 EF L 7EEREE predicate path® ~ U 7L
Triplets for @ predicate path

« KB# »Predicate paths® GEfEREE) ICxf 4 5 FEE rtv “album”
tist.album of a property
CEMEEAHE. cNoxE50NEFEICHEA msu5lc A —sic.artist.album, Thriller}
s ﬂ =

' Madonna, music.artist.album, Like a Virgin}
{ira;/llor Swift, music.artist.album, Reputation}

e YO ay bEECIET—RICTOANRT A HAE

BNE NS H S | s v
. EETE {D’% HE
« KGO7A/¥T 4 DIBHIAATTEIIKCGD R 5 B
Z AW TLEER e !
Training sentences of a property “album”
¢ ELILIVTFATADRATERVTHEELRZEOT: that contain subjects and objects of triplets

Predicate paths GE#EREE) DFI. TV F 4 74 D 7 A75F 4 (album, track) (ZHE .

music.artist.album music.artist. music.track_

: , track_contributions , contribution.track
subject object

subject object

[Imrattanatrai2019]




S Transparent, Scrutable and Explainable User

Models for Personalized Recommendation(1/1)

Krisztian Balog (Google) , Filip Radlinski (Google) , Shushan Arakelyan (USC Information Sciences Institute)

transparentA Dscrutable S HEE S X 7 L

+ BtBtE(explainability) (> 2 7 /'35 L TW % 21— Y Dpreference & AAIIRT)

«  EEAM(transparency) BEEX WXL TYRATLAED LS LftimsE L WA HEY < 2 —HI(ICIER)
« scrutability (X T LHARF L F-2—Y Dpreferencerx 21— BEFHEEREL TIEIETE )

Table 3: Illustration of scrutability options for a summary
preference statement in our user study.

Preference elicitation Item recommendations
You like movies that are tagged as ‘action’, especially those that are tagged as )
‘sword fight’, such as The Princess Bride. D > E:ﬁggg?: — D
You like movies that are tagged as ‘action’, especially those that are tagged as Lﬁ' ww | Www
‘sword fight’. —_— —_— [] ol
You like movies that are tagged as ‘action’, such as The Princess Bride. ° Set-bgsled [] @
You like movies that are tagged as ‘action’. ] / A mode == ]
You like The Princess Bride. /
None of the above. L] L]

Summary of user

WBAREETY V2R TTA FR =Y —DE 52T 2 {—“"“‘”ﬁj
avRITODDOWLIRE, &) bIFRIZFES7ZEL, & Em
W RITHADWI-RENFEX TS

Figure 4: Experimental design for evaluating transparency

and scrutability.
[Balog2019]p.271 Table 3, Figure 4

Copyright (C) 2018 Yahoo Japan Corporation. All Rights Reserved.
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Transparent, Scrutable and Explainable User

Models for Personalized Recommendation(1/2)

Transparency (GEBA ) + Scrutability
Table 5: User study item recommendation results. Table 7: Scrutability results for the set-based model. We re-
Method 0ocrlioe MRR MAP NDCG@5 NDCG@10 port on the fully transparent variant (k=5).
MostPopular 0.882 0515 0721  0.628 Method MRR MAP NDCG@5 NDCG@10
Item-kNN 0.479 0.245 0.452 0.364 Initial, no priors 0.710 0.393 0.543 0.499
BPR-SLIM 0.709 0.378 0.624 0.511 Initial, w/ priors 0.835 0.529 0.7438 0.643
Set-based model Corrected, no priors 0.678 0.381 0.530 0.484
Full transp., no priors 0.710 0.393 0.543  0.499 Corrected, w/ priors  0.855 0.532 0.751 0.645
Full transp., priors 0.835 0.529 0.748 0.643

Partial transp., no priors  0.748  0.516% 0.663%  0.648*
Partial transp., priors 0.866 0.554% 0.782%  0.670%

where r, is the neutral rating. We also consider another variant
with the popularity prior (cf. Eq. (20)) incorporated by way of

multiplication.
BN B LD DMLY RT L ERIFD LS. Scrutability D 3h R % HER.

[Balog2019]p.272 Table 5, p.273 Table 7
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