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Abstract:
descriptions, summarizes the dataset’s topic, provenance, and structure without requiring access

A dataset’s metadata, consisting of structured descriptors such as titles, tags, and

to its content. We propose a multi-view framework for learning dataset—dataset similarity solely
from metadata. The available information is partitioned into two metadata views—Tag and Text
—and an auxiliary non-metadata view, User Behavior. For the Tag and Text views, we con-
struct Dataset—Tag/Word bipartite graphs, perform type-constrained random walks, treat the
walks as sentences, and train Skip-gram with Negative Sampling (SGNS) to capture contextual
co-occurrence, from which we derive per-view dataset—dataset similarities. For the User Behavior
view, we model co-usage sequences using Item2Vec to obtain an auxiliary similarity. Finally, the
three views are integrated through Adaptive Fusion to produce a unified similarity matrix over

datasets. Experiments on the MetaKaggle dataset demonstrate that the proposed method outper-

forms standard baselines in a series of metrics including nDCG@20 and MAP@20.
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SIG-AM-35-04
3% 2: Result of View-Ablation Experiments
Method nDCG@20 MAP@20 MRR@20 PQ@20 R@20
Tag-SGNS 0.0300 0.0804 0.0894 0.0299  0.0000
Text-SGNS 0.0003 0.0011 0.0011 0.0003  0.0000
Text-BM25-Cos 0.1425 0.1675 0.1514 0.1400  0.0409
Behavior-Eng-Cosine 0.0081 0.0143 0.0146 0.0076  0.0017
(Behavior-Similarity-only) 0.8654 0.8780 0.8775 0.3420  0.7953
Fusion-RRF (Tag + Text) 0.0277 0.0435 0.0491 0.0205  0.0161
Fused3-RA (Tag + Text) 0.8330 0.8457 0.8370 0.3132  0.7890
Fused3-Blend (Tag + Text) 0.8944 0.8503 0.8395 0.3199 0.8000
Fusion-RRF (Tag + Behavior) 0.1514 0.2392 0.2724 0.1368  0.0356
Fused3-RA (Tag + Behavior) 0.4173 0.5855 0.5998  0.2290  0.3035
Fused3-Blend (Tag + Behavior) 0.7197 0.6323 0.4331 0.3298 0.3709
Fusion-RRF (Text + Behavior) 0.3591 0.4375 0.6114  0.3482 0.0023
Fused3-RA (Text + Behavior) 0.1097 0.2358 0.2667 0.0951  0.0002
Fused3-Blend (Text + Behavior) 0.0712 0.1874 0.1916 0.1278  0.0004
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